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1 Introduction

The aim of poverty measurement is to aid, incentivize, and cthdirsuccessful reduction of
di sadvantages that bl i ght peopl eds |ives. Co
reveals how and in what dimensions poverty has been reduced. These accounts illustrate what is pos:

and point out where pgres has been slow or nonexistent.

Methodologically, this paper sets out the core components of dynamic multidimensional poverty analy:s
then outlines how to analyze the-poorness of multidimensional poverty reduction patterns by
considering changesintensity as well as incidence of poverty, population subgroup decompositions,
and changes in a destitute subset of the poor. Applying these techniques, it documents ho
multidimensional poverty and its incidence and intensity has changed in 3¢ mpnesenting 2.5

billion people, and further assesses th@gomess of those changes across 338 subnational regions,
ethnic groups in three countries, and destitution in all 34 countries. In the course of this paper we ru

out certain methodologiagitions and illustrate others in some detail.

To measure multidimensional poverty, we use the global Multidimensional Poverty Index (MPI), whicl
is an internationally comparable measure of acute poverty in over 100 developing countries. The MI
was develaa by the Oxford Poverty and Human Development Initiative (OPHI) at the University of
Oxford with the Human Development Report Office of the United Nations Development Programme
(Alkire and Santos, 2014; UNDP, 2010a,b; Akak2011a). We also expltinechanges over time in

a destitution measure (Alkire, Conconi and Seth, 2014a), which identifies the subset of the MPI poc
who are destitute according to more severe deprivation cutoffs (e.g. severe wordansteat of

undernutrition).

The MPI follows a direct method by assessing the extent to which people satisfy minimum internation:
standards in social rights or valuable ends. It is identically formulated across rural and urban areas. T
it complements indirect methods that usenecor consumption levels to identify a minimum living

standard (Alkire and Santos, 2014), and in particular complements global monetary measures such a
$1.25/day figures (Chen and Ravallion, 2010). The MPI builds on the counting traditions irsed in Lat
America and Europe (Atkinson, 2003) and seeks to advance the work of Amartya Sen (1979, 1992, 1€
2009), who has persuasively argued for more comprehensive conceptualizations and measures
capability poverty. Dreze and Sen (2013) among othersalppirdtivate such analysis, observing that

the level (and change) of income per capita or of income poverty does not necessarily predict the lev

of achieved functionings in social indicatofsBourguignon e&tl., 2010).

OPHI Working Pap&s 1 www.ophi.org.uk
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The MPI, like any internatially comparable poverty measure, is data constrained and imperfect. Alkire
and Santos (2014) applied robustness tests for several parameters in the MPI and found natior
comparisons to be robust to a wider range of deprivation cutoffs, povertyaoataffimensional
weights. They found comparisons using the DHS datasets this paper employs to be particularly robu
An important strength of the MPI is that the final measure reflects the joint distribution of deprivations
and is sensitive to the inteysif deprivation among the poor. Also, because the measure is direct,
comparisons do not require additional adjustments, such as-imbanglrices, inflation, or PPPs (see
Alkire, 2011; Alkire, Foster, and Santos 2011). We further explore MPI ocomjpeitiss paper.

The contribution of this paper is thifetl. First, it is the first paper to set forth a systematic account of
changes over time multidimensional poverty using the Alkoster Adjusted Headcount Ratio and

its consistent sdindices. Second, it scrutinizes three methodological approaches to assessing the pro
poorness of poverty reduction. Third, it applies these methodologies exhaustively using the global M
and a linked destitution measure in 34 countries. The data are hartooezable definitive
assessments across poverty and destitution for two or three points of time for each country. Althoug
precise indicator definitions across countries vary, country experiences can also be compared

informative ways, as can income pgueends for certain countries.

The paper is organized as follows. Section 2 presents the measurement methodology used to constru
multidimensional poverty and linked destitution index, the associated statistics used to analyze chan
over time, sulational and ethnic decompositions and dimensional breakdown, and incidence and
intensity analysis. Section 3 describes the DHS datasets used in this study and their harmonization,
delineates the levels of comparability that have been achieved @mt tinress countries. Section 4
presents keyridings from the MPI estimataisthe national level. Section 5 anatfsesyes over time

by regional and ethnic groups, finding diverse country patterns. Section 6 exghanegeh®ver time

in destituton amonghe poor. Section 7 concludes.

2 Measurement Methodology

2.1 Alkire and FosterM,Measurél

The global MPI follows the functional form of the Adjusted Headcount Rgfjowhich is the
simplest measure within the family of poverty measures developed by Alkire and Foster (2007, 2011

The methodology begins at the level of the person or household, identifies the set of indicators in whic

1The notation of this section follows Alkire and Foster (2011a).
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they are deprived at the sametiand summarizes their poverty profile in a weighted deprivation score.
If their deprivation score exceeds the poverty cutoff, they are identified as multidimensionally poor. Th
number of poor people and their deprivation séoveh i ¢ h s h o wist ytdh eo f6 i md e
experiencé becomes part of the final Adjed Headcount Ratio.

Consider a society withpersons and dimensions. From amx d matrix of achievemenysand a

vector of deprivation cutofs(boldface denotes a vectegnstruct lhe matrix ofleprivatioassociated
withy, g°=[ 971, whose typical elemegf is defined bygj=w wheny<z, while g;=0 otherwise. The

matrixg’ is anr® d matrix whosg" entry isw when persomis deprived in thg' dimension, and zero
when the person is not. The weights on each dimension, dgnsted to oneThei" row vector of

¢, denoted'Q, is person @eprivation vectte j" column vector ofg’, denotedg’ gives the
distribution of dimensiopacross the population. From the maifiwe construct a column vectmf
weighted deprivation wbose" entryc=| d’| represents the sum of the weights for the dimensions in

whichi is deprived.

Identification: A second cutofk is used to ideritty t he p o or J, bétheriderificatianl , I
method defined hy,(y; 2=1 wheneveci>k, and} ,(y;2=0 wheneveci<k. In other words,, identifies

personi as poor when the deprivation sceiie at leask; if not, i is not poor. FokO ( mi )nwew
obtain the union identification case in which any deprivation identifies someone as podeBnd for

the intersection in which only persons experiencing deprivations in all dimensions are poor.

Censoring after Identification: Let g°(K) be the matx obtained frong® by replacing it&" row gi?

with a vector of zeros wheneygyi;2)=0, so thagi? (k) = gi?; k(Vi;2). Similarly, define tleensored vector
of deprivation sc@ely ci(K)=} k(yi;2)ci fori= 1 , né ,

Aggregation: The Adjusted Headcount Ratie mean of the censored deprivation matrix multiplied by
d: Mo=d[e(g’(K))]. O can also be expressed as the product of two intuitive partial indices: the
headcount ratio and the average deprivation share across the poor. The headcountidgitc®r
H=H(y;2) is defined byH=g/n, whereqg=q(y;2)=SL./(Y;,2) is the number of poor persons. The
average deprivation share across the poontemsityis givenby A=|c(k)|/(q), and reflects the
percentage of deprivations the average poor person expeWwsmoesmn equivalently express the
Adjusted Headcount RatioMs=HA= d[£(g°(K))].

Consistent SubindicesThe 0 can be broken down after identification into consistent dimensional
subindicegs al | ed 6censored headcount ratiosd that d

and are deprived in dimensjofihese are the mean of ffleolumn vector of the censored matrix and
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are denotetij(k) = ¢(g°. The percentage contributiohtbe j™ dimension igw; h(K))/Mo (Alkire et
al., 2015, Ch 5).

The global MPI is an Adjusted Headcount Rationplemented with specific parameters. The MPI is
based on ten indicators, which are organized into three equally weighted dihesaigiomrstucation,

and living standardiés ten indicators and deprivation cutoffs reflect deprivations within a household
such asindernutritionor child mortality, being educated|amkingaccess to safe water and adequate
sanitationand are equally weighted within each dimeficabite 1) A person is identified as poor if
they are deprived in at least-timed of the weightethdicators.

This paper also analysesekmtedmeasure oflestitution (Alkire, Conconi and SetBQ14) This
measure has the same indicators, weights, and poverty cutoff as the MPI. However for eight of the t
indicators, destitution deprivation cutoffs are ufedexample, severe madhtion instead of
malnutrition,losing at leagtvo childrenhavirg all primary scolaged children out of schoabt

having anyone with at least a yéa&chooling in the househofutactisiig open defecatioand so on.

For electricity and floorinthe cutoffs do not chang@ person is destitute if he or shégprived in at

least a third of the weighted destitution indicators (Alkire, Conconi and Sejh B¥0ddfinition, a
destitutepersonis always multidimensionally pobine destitution Adjusted Headcount Ratio (and
other consistent partial indices)isstructed using the same mathematical formulations as the MPI and
is denoted by a 8§ Ugblet mwesants fstructiselpbothavi®l andrDeskitiRion

measures

Table 1: Multidimensional Poverty Index (MPI) and Multidimensional Destituti on (M PID): Dimensions, Indicators,
and Deprivation Cutoffs

Dimensions of poverty Indicator Deprived ifé

MPI: No household member has completed five years of schooling
Years of Schooling

Dest: No household member has completeare than one yeaf schooling

Education MPI: Any schoolaged child is not attending school upth® age at which
they would completelass 8
Child School Attendance

Dest: No child is attending school up tthe age at which they woul
completeclass 6

MPI: Any child has died in the family
Child Mortality

Dest: Two or more children have died in the family
Health

MPI: Any adult or child for whom there is nutritional information
Nutrition malnourished

Dest:Any adult or child for whomhere is nutritional information iseverely
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malnourished.
Electricity MPI & Dest: The household has no electricity
MP I The househol ddéds sanitation

Improved Sanitation guideines)or it is improved but shared with other households

Dest: The householdas no facility.

MPI: The household does not have access to improved drinking
(according to MDG guidelines) or safe drinking water is more th&@-g

Improved Drinking Water minute walk from home, roundtrip

Dest: The household does not baaccess to safe drinking water safe
Living Standard water is more than a 4%inute walk (round trip).

Flooring MPI & Dest: The household has a dirt, samddung floor

MPI: Thehousehold cooks with dung, waaxt charcoal
Cooking Fuel

Dest:The household cooks with dung or wood.

MPI: The household does not own more than one rddiptelephone, bike
motorbike,or refrigerator and does not own a car or truck
Assets ownership

Dest The household has no asséted abovdradio, telephone etc.) and n
car.

2.2 Changes inM,, H, and Aacross Two Time Periods

This section describes how to compareand its associated partial indices over time using repeated

crosssectional dat&uch comparisons may also be importantly affected by migration and demographic

shifts, which require separate treatment.

The basic component of poverty comparisons is the absolute pace of change across periods. T
absolute rate of changes the simplaifference in poverty levels between two periods. Changes
(increases or decreases) in poverty across two time periods can also be reported as a relative rate.
relative rate of changes the difference in levels across two periods as a percentagetiaf {heriod.

The analysis of absolute and relative changes together provides an elementary sense of overall progre

For any two periods we denote the initial period @and the final period by . The achievement
matrices for periods andd are denoted by andd® , respectively. The same set of paranieters

deprivation cutoff vector, weight vector , and poverty cutofd are used in each period.

2 Here we present the number as well as the levels of poverty, but do not analyse demographic shifts due to spa
constraints.
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The absolute rate of changds-) is simply the difference in Adjusted HeadcounvRlagitween two

periods and is computed as
Y0 0 ®© 0 ® 8 (1)
Similarly, fofOando.

Therelative rate of changd] ) is the difference in poverty as a percentage wfittaepoverty level

and is computed far as

10 — p T8t (2)

To compare the rates of poverty reduction across countries that have different periods of referenc
annualized changes are usedanhealized absolute rate of changé) is the difference in Adjusted
Headcount Ratios betwevo periods divided by the difference in the two time pedodsd() and
is computed fob as

o 0 ®© 0 ®

Y0 — 8 3
0 0

Theannualized relative rate of chang§) is the compound rate of reduction inper year between
the initial and the final periods, and is computdd fars
. 0 @ A %)
V] _— TtU
1 5 o P P
The same formulean be used to compute and report annualized changes in the other partial indices

namely/Q 0, censoretieadcount rat®) or percent contributions.

2.2.1 Dimensional Changes (Uncensored and Censored Headcount Ratios)

The reductions it , 0, or6 can be broken down by dimensions. The analysis of dimensional changes
considers both the raw or uncensored headcount i@)i@nd the censored headcount rat®sc)
presented above. These are the means §f toéumn of the uncensored or camsbdeprivation

matrix divided byw. By definition, the uncensored headcount ratio of an indicator is equal to or higher
than the censored headcount ratio of that indicator, and the changes in censored headcount ratios de|
changes in deprivations amdhe poor. When deprivations are reduced among the poor, or when a

poor person becomes npnoor, the cesored deprivations change.

OPHI Working Pap&s 6 www.ophi.org.uk
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2.2.2 Decomposition by Population Subgroup

One important property that the AlkFester family of measures satisfy is pdipal subgroup
decomposability. The ovefall can be expressedias B, '™ &Phwhered & denotes the
Adjusted Headcount Ratio ant &£/& the population share of subgroit is especially useful to
analyzeoverty changes by population subgroups, to see if the poorest subgroups reduced poverty fast
than less poor subgroups, and to compare the dimensional composition of reduction across subgrou
(Alkire and Seth, 2015). Populasbares for each time jer must be analyzed alongside subgroup
trends.

To supplement the above analysis it is useful to explore the contribution of population subgroups t
overal/l poverty reduction, which not only der

changesn the population composition. This can be seen by presenting the overall cbange in
between two periods Mo ) as

N0 L ITIA LIRRL IV RA LI (5)

b

Note that the overall change depends both on the changes in subgdiosip thencthanges in
popuation shares of the subgroups.
2.2.3 Theoretical Decompositions

This section seeks to establish whether it is possible to go beyond-#extiooss analysis presented
above and make some assessment of poverty transitions. Wehexplativation using panel data and
then introducewo interesting theoretical approachesfpdecompositions that have been proposed
for use with crossectional data. But when we assess the assumptions they entail empirically, we fin

they cannot beaugtified in our datasets, thus limit this analysie¥mpsly mentioned components.

2.2.3.1Panel Data Analysis

Consider a fixed set of population of sizacross two periods,and 6 . The population can be
categorized into four mutually exclusime collectively exhaustive groups that we refer teeas t
following dynamic subgroups:

Subgroup): Containg people who areorpoom bottperiodsd ando

Subgroup): Containg people who angooin botlperiodsd ando (ongoinmpoy;

SubgroufdD Containg people who are poor in periodbut exit poveityperiod
(‘) ’

Subgrouf®  Contains¢  people who are poor in periéd but enter poveirty

OPHI Working Pap&s 7 www.ophi.org.uk



Alkire, Roche and Vaz Chnages Over Time in MD Poverty

periodo .
We denote the achievement matrices of these four subgroups o jpgtod® , & , and® for
all6 0, 0. The proportion of the multidimensionally poor population in péridasi"O @
€ ¢ 7¢ and that in period is'O ® € ¢ 7T¢. The change in the proportion of poor
people between these two periodsds O © 0w 3 ¢ TEe=0w 0w

In other words, the change in the overall multidimensional headcount ratidfes¢heabetween the

proportion of poor entering and the proportion of poor exiting poverty. Note that, by construction, no

person is poor i ,® ,® , and® and thusO ® (OXN 0oh (O] U
Thus alsa@d ® 0 ® 0 ® 0 @ T. In contrast, all personsdn , @ |,
® , and® are poor and thu® @ JONA) OFA) (O] p. Therefore th& of

each of these four subgroups is equal to its intensity dypover

In a fixed population, the overall population and the population share of each dynamic subgrouj
remains unchanged across two time petidus.change in the overiall can be decomposed by these
population subgroups using Equatidyas

o N >

Y T 0 @ 0 @ —0 & 0 & 8 (6)

Thus, the righband &le of Equatior{6) has three additive components. The first companent

— - 8 - 8 is due to the change in the intensity of those who remain poor in both

periodsd the ongoing pood weighted by the size of this dynamic subgroup. The second component

3- —- 8 reflects the change in the intensity os¢éhwho exit poverty (weighted by the

size of this subgroup) and the third compogaent —- 8  reflects the populatiemeighted

change in the intensity of those who enter poverty. IYsum, 30 30 30

These indicators can be estimated using panel data with a fixed population to monitor how the change
0 was produced by changes in different parts of the distribution of the poor. The anakmisris pro
because we can ascertain whether the pooredtputaty or only the barely poor, and see whose

deprivation scores decliriethose with the higest deprivation scores or not.

3 Suitable adjustments can be made for demographic shifts when the population is not fixed across two periods.

OPHI Working Pap&s 8 www.ophi.org.uk
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2.2.3.2 Approximations Using CrosSectional Data

Crosssectional dateannot distinguish between these dynamic subgroups. As a rough approximation,
considertwo observable groups, roughly definethegersnd stayersWe define movers asethO

people who reflect the net change in poverty levels across the two peysdsal® ongoing poor plus
the proportion of previously poor people who
poor in period twédO & . I n considering only the o6netd c
the larger 0© ¢ IO to dominate: if poverty rose nationally, the group who entered poverty dominate;
otherwise, it is the group who exited poverty. The subordinate third group is allocated among th

ongoing poor and the dominant group. For the remainder of this secpioesume that both and

'O decreased and th& 'O . So we presumgO O O andO® =0 O
EvidentlyY’Oand’O & may be estimated using cresstional data.

If poverty has reduced and there has not been a largeiniles poor, that is, 1© € Teis
negligible, this strategy could also approximate the relative intensity levels of those who moved out
poverty,’O ¢ 7T¢, and the changes in intensity among those who remaine@®poog, 7¢. If
‘O is expected (from other sources of information) to be large, or if the intensity of the new poor is

expected to differ greatly from the average, this assumption is not wlarranted.
Consider the intensity of the net population who exited péveniyer these simplifying assumptions
reflected by the net change in headcount, demodehd the intensity change of the net ongoing poor,

whom we will presume to B¢ , denoted’d . TheY) can be decomposed according to these
two groups. These decompositions can be interpreted (given the foregoing assumptions) as showing
percentage of the changainthat can be attributed to those who moved out of poderysus the

percentage of change that was mainly caused by a decreasdyramtmmgithose who stayed poor.

Yo Yo 5 06 W Y
\ J \ J
Y Y
Movers Stayers

Crosssectional data does not provide the intensity of those who stayed poor or of those who moved ou
of poverty. One empirical strategy is to estimate upper and lower bounds for these using each data:

First, identify th&”O & poor persons havingeHowest deprivation scores in the dataset (sampling

weights applied) and use the average of these scarestf@n solve fod 8 Subsequently, identify

theY'O ¢ poor persons having the highest deprivation scores in that dataset and repeadtire.p

4 The corresporidg considerations apply if poverty has increasé@ aisdexpected to be small.
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This will generate upper and lower estimatés fando in a given dataset, which will illuminate the
degree of uncertainty that different assumptions introduce. To estimate maximum upper and lowe
bounds it could be assumed that abehmoved out of poverty had an intensity score of the valle of

(the minimum)and subsequently assume that their intensity was 100% (the maximum).

2.2.3.3Theoretical IncidenceIntensity Decompositions

Two theorybased approaches to decomposing chamgepeated crosectional data according to
6incidenced and ©O6intensity?®o have recently be
regarding the intensity thiose who exit or remain poor.

For simplicity of notation, we here denoteltheQ ando for periodd byd ,"O ,anddo that for

perioddo by0d ,"O , andd .Apablaza and Yalonetzky (2013) propose an additive decomposition.

Sincel "O 0, they propose to decompose the change ihy changes in its partiatlices as
follows:
Yoo 8 O O O & & O O 6 0o 8 (8)
\ J \ J J
Y Y Y
Povertyeffect Povertyeffect Interaction effect

from entry and exit
Their approach entails two assumptions. First, the intensity among those who left poverty is assumed
be the same as the average intensity in periBdcond, the intensity change among the ongoing poor
is assumed to equal the simple difference ensities of the poor across the two periods. The
decomposition is completed using an interaction tApablaza and Yalonetzky interpret this
decompositiorof changes in the Adjusted Headcount Ratig { 8as reflecting: 1) changes in
poverty incidence’O, 2) changes in intensity , and 3) a joint effect reflecting the interaction

between incidence and inten$it®( Yo .

Building onApablaza and Yalonetzky (20R)¢che (2013) proposes a Shapley valamgosition
following Shorrocks (1999t provides the marginal effect of changes in incidence and intensity as
follows:

5 Shorrocks (1999) showed that the Shapley value decomposition can be applied to any function under certain assumption

OPHI Working Pap&s 1C www.ophi.org.uk



Alkire, Roche and Vaz Chnages Over Time in MD Poverty

¥ —— 0 O 6 b )
N J \ J
Y Y
Incidence of Intensity of
Povertyeffect Povertyeffect

Formula 9 assumes that the intensity of those who exited poverty is the average intensity of the tv

periords—— O O and <call s t hi sltdlshassudesthe otheéregroupdias ¢hé f e

average headcount ratio betweertwo periods and their change in intensity is the simple difference in
intensities across the periods—— 0 ® handdescribdshi s as the 6intensi

As Roche demonstrates, Shapley decompositions could be applied to eagmatax afrdilysis using

the AlkireFoster (AF) method. For example, if the underlying assumptions are transparently stated an
accepted, the theoretically derived marginal contribution of changes in incidence and margin
contribution of changes in intensin be expressed as a percentage of the overall clvange they

both add to 100%:

(10)

0 0 pTT
(11)
B

Y0
To address demographic shifts, Roche follows a similar decomposition of change as that used in FC(

unidimensional poverty measyRavallion and Huppi, 19%nd Shapely decompositions (Duahak a
Araar 2006; Shorrocks 1999).

Shall we apply such theoretical decompositions in our investigation of -fuorpees of

multidimensional poverty reduction? Table 2 presents the empirical estimations for the upper and low
bounds for t hee)dnnonvde r&Dt a(yienrcsidod e(nicnt ensi ty) e f
assume the poorest of the poor moved out of poverty, those who moved out of poverty could have ha

average intensities ranging from 37% in Armenia (the least poor country in the @ridlQStsi t
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Ethiopia and Nigérln most countries, at the upper bound, over 100% of the poverty reduction is due
to movers; the exceptions are Ethiopia, Malawi, Mozambique, and Niger. At the lower bound, where w
assume the least (barely) poor people nmedf poverty, those who moved out of poverty could

have intensities between 33% and 38 %. At t he

would range from 16.6% in Ni@m 93.6% in Armenia.

The last columns of Table(R. 13)provide the Bapley decompositions. In all cases the Shapley

decompositions lie between the upper and lower bounds. But the empirical upper and lower bounds &
wide and vary greatly across countries. Thus in the absence of further evidence from panel data,
cannot ystify the assumptions required to precisely decompose changes in MPI by incidence an
intensity8 While this can seem disappointing, for policy purposes, as Sen stresses, it may be better to
6vaguely right t han pr e cio®w®lbry thewabsolateg dhanges in eache m.

partial index across time as our empirical analysis will demonstrate.

3 Data

The analysis of changes in MPI over time in this paper focuses on 34 countries: Armenia, Banglade
Benin, Bolivia, Cambodia, Camerd@olpmbia, Dominican Republic, Egypt, Ethiopia, Gabon, Ghana,
Guyana, Haiti, India, Indonesia, Jordan, Kenya, Lesotho, Madagascar, Malawi, Mozambique, Namik
Nepal, Niger, Nigeria, Pakistan, Peru, Rwanda, Senegal, Tanzania, Uganda, Zambia, and Zimbak
These are the countries for which there is a recent MPI estimation and comparable Demographic al
Health Survey (DHS) datasets for analysis across time. The 34 countries come from every geograg
region in the developing world. They contain more thémilias peoplé,which is around 37% of the
worl dds popul ation as pehey qrelpw, ILaveriMiddle, and Uppena t
Middle Income Countries with a GNI per capita in 2012 from $320 in Malawi to $10,040 in Gabon.

6The upper bound est i nSeregalis02D.7%, also below T08%. A& doenbtfredec to thi$ aountry
because it did not register significant poverty reduction.

"TThe | owest | ower bound estimate for the moversd effec
registea significant poverty reduction.

8 A necessary topic for future research is to replicate this analysis using panel datasets, to compare actual information
poverty transitions with the upper and lower bounds and with the theoretical and Shagégnptest &, across a large
set of panel datasets reflecting a large population of countries and subnational regions, a clear pattern emerges, this ¢
justify the assumptions required for theoretical decompositions.

9In this case, thatis true usingteh er popul ati on data f rfom20lthfe alGauhtries i ngd vy

10 |ndia alone corresponds t billion people or 1%% the world population. Other large countries in the analysis are
Indonesia3.5% Pakistar® 2.5% Bangladdsd 2.2%, Nigerié 2.3% and Ethiopia 1.3%.

11 The incomecategories correspond to World Bank (204/2yld Development Indidatashington DC: World Bank,
accessed February 2013.
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Poverty levels rani/em low to high: the proportion of MPI pé%)'m the starting period ranged from
1%to 94% across these countries.

Table 2: Decomposing the Change in MPI by Dynamic Subgroup

Upper Bound Lower Bound Dec%r;]a&?;ion
a o ma oSS SARS A ma e Gees e mensy

Movers Stayers (%) (%) Movers Stayers (%) (%) (%) (%)

Armenia 200010 0.37 0.02 103.3 -3.3 0.33 -0.04 93.6 6.4 99.2 0.8
Bangladesh 2082007 0.83 0.01 114.2 -14.2 0.35 -0.05 48.2 51.8 73.2 26.8
Bangladesh 2082011 0.78 0.03 120.6 -20.6 0.35 -0.06 54.3 45.7 78.2 21.8
Benin 20032006 0.93 0.01 107.7 -7.7 0.34 -0.05 39.5 60.5 68.2 31.8
Bolivia 20082008 0.60 0.04 110.7 -10.7 0.38 -0.13 69.5 30.5 84.8 15.2
Cambodia 20@2010 0.74 0.02 112.9 -12.9 0.34 -0.09 52.3 47.7 73.5 26.5
Cameroon 2082011 0.87 0.04 135.4 -35.4 0.33 -0.05 51.9 48.1 85.0 15.0
Colombia 206010 0.55 0.05 118.3 -18.3 0.34 -0.08 725 27.5 90.8 9.2
Dom. Rep. 20@2007 0.52 0.04 109.7 -9.7 0.35 -0.11 73.3 26.7 86.7 13.3
Egypt 20082008 0.54 0.04 125.7 -25.7 0.33 -0.04 77.3 22.7 95.1 4.9
Ethiopia 20082005 1.00 -0.04 51.0 49.0 0.34 -0.07 17.2 82.8 35.6 64.4
Ethiopia 20052011 1.00 -0.04 60.0 40.0 0.35 -0.07 21.1 78.9 38.7 61.3
Gabon 20082012 0.54 0.06 112.8 -12.8 0.37 -0.11 78.2 21.8 93.2 6.8
Ghana 2002008 0.73 0.04 115.5 -15.5 0.36 -0.11 56.7 43.3 79.3 20.7
Guyana 20@2009 0.54 0.03 134.2 -34.2 0.33 -0.01 83.2 16.8 97.7 2.3
Haiti 2005/@2012 0.83 0.01 107.3 -7.3 0.35 -0.10 45.8 54.2 68.2 31.8
India 1998/82005/6 0.82 0.04 136.0 -36.0 0.34 -0.05 55.7 44.3 87.0 13.0
Indonesia 20@2012 0.63 0.03 115.1 -15.1 0.34 -0.07 61.5 38.5 81.4 18.6
Jordan 20@2009 0.44 0.01 108.9 -8.9 0.33 -0.01 82.4 17.6 86.5 135
Kenya 20032008/9 0.76 0.03 129.9 -29.9 0.33 -0.04 56.7 43.3 82.5 175
Lesotho 20032009 0.68 0.02 121.9 -21.9 0.33 -0.05 59.9 40.1 82.6 17.4
Madagascar 2@2D08/9 0.87 -0.02 136.1 -36.1 0.34 0.03 53.9 46.1 87.7 12.3
Malawi 20082010 0.86 0.00 99.7 0.3 0.33 -0.04 38.8 61.2 59.8 40.2
Mozambique 20863011 0.89 -0.01 95.3 4.7 0.37 -0.09 40.1 59.9 62.8 37.2
Namibia 20082007 0.68 0.04 129.8 -29.8 0.33 -0.04 63.3 36.7 88.2 11.8
Nepal 20082011 0.74 0.04 113.4 -13.4 0.38 -0.13 58.2 41.8 79.5 20.5
Niger 20062012 1.00 -0.04 46.7 53.3 0.35 -0.07 16.6 83.4 335 66.5
Nigeria 2003008 0.91 0.05 148.4 -48.4 0.34 -0.04 55.0 45.0 93.9 6.1
Pakistan 200682012/13 0.90 0.02 126.7 -26.7 0.33 -0.03 47.0 53.0 74.3 25.7
Peru 20032008 0.59 0.02 119.5 -19.5 0.33 -0.04 67.1 32.9 86.4 13.6
Peru 2008012 0.52 0.04 117.9 -17.9 0.33 -0.06 74.9 25.1 935 6.5
Rwanda 20@2010 0.79 0.00 101.1 -1.1 0.36 -0.10 46.9 53.1 67.8 32.2
Senegal 2008010/11 1.00 -0.02 20.7 79.3 0.33 -0.02 6.9 93.1 12.6 87.4
Tanzania 2082010 0.89 0.01 109.8 -9.8 0.33 -0.04 41.1 58.9 68.7 313
Uganda 20@2011 0.81 0.02 116.6 -16.6 0.34 -0.06 49.0 51.0 76.3 23.7
Zambia 2001/22007 0.87 0.00 95.8 4.2 0.33 -0.06 36.9 63.1 58.8 41.2
Zimbabwe 20G#2010/11 0.66 0.02 117.7 -17.7 0.33 -0.04 59.2 40.8 78.6 21.4

The most recent estimate in 20 out of the 37 comparisons is for 2010,2@L1, @r; 12 count
recent estimates are between 2007 and 2009; a
and 2006 The first data point ranges between 1328)08. The time period ranges between 2 and 12
years depending on the frequency of data collection in each context; 30 of the periods last 4 to 7 yes

for 5 countries the range is less than 4 years, for Mozanitbigu8 years, and for Gabon the

12The term 6MPI poord refers to people who -third@3%)afthecut e
weighted indators (Alkire and Santos 2014).

13Benin and India.
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comparison covers 12 years. We have two periods of comparison for Ethiajfla, 20D20GH.0;
for Bangladesh, 208B¥ and 20@11; and for Peru, 208 and 20@.2. Hence, we have a total of
37 comparisons. Given tlaversity in the length of period we undertake analysis based on the

. 14
annualized change.

To describe this sample of countries, we present some of the population aggregates for them. If v
aggregate the global MPI estimates published in 2014 using 20dflopopeights, this group of

. 15 s
countries as a whole would be roughly as poor as Haiti.

OPHI 6s gl obal MP I estimations for each countr
t he UNDPGOs Human Dusestieel mapmue mtormatiengdable inghe survey on

which the estimation is based. As a result, improvements in the questionnaire or survey design imj
improvements in the MPI estimation. This methodological strategy produces the most accurat
estimation for a given year, but estés are not designed for comparison over time. In order to allow
accurate assessment of trends in MPI over time, this paper rigorously standardizes the MPI indicator s
and parameters for those countries for which changes in the questionnaire desifjfectmay
comparability across tiﬁ%eﬁ:omparable MPI values are denotedBy; as their values may differ

from published MPI value®e have information on the 10 MPI indicators for 29 countries; Guyana,
Indonesia, Pakistan, and Tanzania lack informationuiition, and Egypt lacks information on
cooking fuel. Details on the MPI adjustment for comparability and differences with the published figure:

are provided in Annex 2.

4 National Results

4.1 Overview of Poverty Reduction

Table 3 presents the lewtlange, and statistical significance of changes in the el first insight
from the analysis is that of the 34 countried, @W¥ering 98% of the poor people across ail f&d
statistically significant reductions in multidimensional poverty &0t8& significance level and 29
countries atE0.01. Guyana and Peru (2888) had reductions that were only significakt0at0.
Yet, he pace of progress vargeshsiderably across countries.

14 Note that statistical significance refers to the full period of comparison, not to the annualized change. Naturally longe
periods of comparison are more likely to generate significant results.

151n such a case, the illustrative aggregate MPI wouldi9e0d247.1% of people would be poor. The MPI indicator set
and parameters are not yet adjusted for comparability in these calculations.

16Note we assume the rest of the survey design allows comparability.

17In Annex1, Tables Aland A2 presents thesafires foHr and Ar.
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Nepal, Rwanda, Ghana, and Tanzania had the largegealkesoictions in MPI poverty, greater than
0.018 per annum. Bangladesh, Cambodia, and Bolivia also proved to be strong performers, wi
reductions above 0.015 per ybarelative terms, Armenia, the Dominican Republic, and Bolivia had
the fastest decreas MPI;, reducing their starting poverty levels by more than 12% per year. Each of
the topperforming countrie® Nepal, Rwanda, Ghana, Tanzania, Cambodia, and Bangladesh
decreased their original leveM#?l; by 5% to 9% per yeédrmaking them successin both relative

and absolute terms.

On the other hand, Jordan and Senegal had no significant reduction, and Madagascar had a statisti

significant (a=0.01) increae in multidimensional poverty.

The level of success in translating the gain®wfhgmto poverty reduction apparently varies across

countries and also sometimes across periods (see Table A.3 in ﬁrﬁmﬂrﬂbﬁance, in the periods

under analysis, Bangladesh and India registered similar rates of growth in GNI per capita, bt
Bangldesh reduced MPmore than twice as fast as India. On the other hand, although India has
grown six times faster than Cameroon, the latter reducedd/Makt as India. Finally, although the
average growth rate in Ethiopia more than doubled betweenidde20862005 and 20@2008, the

annualized relative change in the W#thained practically the sdme.

The MPI uses a poverty cutoff of 33.33%, but the findings discussed above are robust to a range
different poverty cutoffs (see Annex 3 for naatils).

4.2Comparing the Evolution of HeadcountRatios for MPIl and Income Poverty

The previous section focused on the rate of poverty reduction;irN\d®Iwe focus on changes in the
headcount ratio. The multidimensional headcount rafjoatd its anualized rates of change are
presented in the first columns of Tabf Phe same 30 countries had significant changes in the
headcount ratio, and those that were most successful in reducing thélépgl, Ghana, Bolivia,
Cambodia, Rwanda, Tanzania, &Bahgladeshd also strongly reducedhe incidence of
multidimensional poverty, both in absolute and relative terms. Nepal reduced incidence from 65% t
44% in a five year period (20B611), a yearly decrease of 4.1 percentage points. The other top

performng countries registered annualized reductions béhBesard 3.4 percentage points.

18This topic merits a separate study of its own.

19 The relationship between growth and multidimensional poverty reduction in the set of countries considered here i
analyzed in Alkiré-oster, Roche and Vaz (2015).

20Table A3in Annex Ishows the statistical significancehainges Hr.
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Table 3: Level, Change, and Statistical Significance of Changes in MPI T

Multidimensional Annualized Change t-statistics

Poverty Index (MPlr) for

Year 1 Year 2 Absolute % Relative difference
Armenia 20082010 .003 (.001) .001 (.000) .000 17.7% 222 ™
Bangladesh 2082007 .364 (.007) .306 (.007) -.020 -5.7% 560 ***
Bangladesh 2080011 .306 (.007) .245 (.006) -.015 -5.4% 6.92
Benin 20032006 474 (.008) .414 (.006) -012 2.7% 570
Bolivia 20032008 175 (.005) .089 (.003) -.017 -12.6% 13.68 ***
Cambodia 20@2010 299 (.006) .212 (.006) -.017 -6.7% 10.11 ***
Cameroon 20@2011 298 (.009) .248 (.007) -.007 -2.6% 439
Colombia 20010 039 (.002) .023 (.001) -.003 -9.8% 8.04 *
Dom. Rep. 20@2007 .040 (.002) .020 (.001) -.004 -13.0% 9.27
Egypt 20082008 .034 (.002) .024 (.001) -.003 -10.7% 469 *
Ethiopia 20082005 677 (.004) .604 (.006) -014 -2.2% 6.56 ***
Ethiopia 20052011 604 (.006) .526 (.007) -013 -2.3% 7.83
Gabon 200062012 161 (.006) .075 (.004) -.007 -6.1% 10.74 ***
Ghana 2002008 309 (.007) .202 (.007) -021 -8.1% 10.39 ***
Guyana 20@2009 050 (.004) .041 (.002) -.002 -4.5% 171 *
Haiti 2005/®2012 .335 (.010) .248 (.008) -.013 -4.5% 6.43 ***
India 1998/$2005/6 .304 (.002) .254 (.003) -.007 -2.5% 12.81 ***
Indonesia 2082012 .095 (.003) .066 (.002) -.006 -7.0% 8.93 M
Jordan 20@2009 .013 (.002) .011 (.001) -.001 -8.9% 0.89
Kenya 20032008/9 296 (.008) .244 (.010) -.009 -3.5% 410
Lesotho 20082009 238 (.005) .190 (.007) -010 -4.4% 509 **
Madagascar 2G2008/9 374 (.015) .414 (.007) .009 2.3% 2.64
Malawi 20082010 .381 (.006) .334 (.005) -.008 -2.2% 6.06 ***
Mozambique 2082011 505 (.007) .393 (.007) -014 -3.1% 11.86 ***
Namibia 20082007 194 (.008) .154 (.005) -.006 -3.2% 3.17
Nepal 20082011 350 (.013) .217 (.012) -027 -9.1% 761
Niger 20062012 .696 (.007) .621 (.007) -.012 -1.9% 7.80 ***
Nigeria 20082008 368 (.011) .313 (.006) -011 -3.2% 4.04
Pakistan 200682012/13 264 (.005) .235 (.009) -.005 -2.0% 2.86
Peru 20082008 .085 (.007) .066 (.003) -.006 -8.0% 1.83 *
Peru 200&012 .066 (.003) .043 (.002) -.006 -10.3% 547 ***
Rwanda 20@2010 461 (.005) .330 (.006) -026 -6.4% 15.65 ***
Senegal 2088010/11 440 (.019) .423 (.010) -.003 -0.7% 1.03
Tanzania 2082010 371 (.008) .335 (.007) -.018 -5.0% 3.48 ***
Uganda 20@2011 420 (.007) .343 (.009) -015 -3.9% 583 *
Zambia 2001/82007 397 (.008) .332 (.007) -012 -3.2% 459
Zimbabwe 20G#®010/11 .180 (.006) .145 (.005) -.008 -4.7% 461 ***

Note: * ** statistically significant at a=0.01, **

Standard errors reported between brac

The multidimensional headcount ratig) @&n be seen as the multidimensional equivalentth 2bea
day poverty headcount. Thus, pweceed in comparing the evolution of these two poverty measures.
The $1.25 a day poverty headcounts and their annualized rate of change areirprisetast

columns of Table 4.
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This comparison is not straightfard so some caveats are necessary. The key limitation in comparing
these two measures is the lack of frequently updated poverty data. For example, matching ye
comparisons in both the first and last period are only available for seven of the cuiertaeslysis:
Armenia, Colombia, Dominican Republic, Egypt, Ethiopia, and Malawi. In the case of eight countries
the $1.25 data is older than the comparable MPI (BandlaGeshhodia, Cameroon, Ghana,
Indonesia, Mozambique, Nepal, Niger, Pakistan,aPeridganda); while in nine countries there is not
enough income poverty data to compute a comparable rate of income poverty*td@eaction

Gabon, Guyana, Haiti, Kenya, Lesotho, Namibia, Tanzania, and Zimbabwe). Hence, we have match
data when posséd When income poverty data was not available from the same year of a survey, w
used a linear interpolation between the two closest data points to estimate the level of income poverty
the year of the survey. Interpolation was employed for BangBdigla, Cambodia, Jordan,
Madagascar, Nigeria, Rwanda, and Zambia. When interpolation was not possible (for instance, when
last year with income data was prior to the last year of treoiParison period), we computed the

rate of change in incomevaoty with reference to the periods closer to thedgiparison period for

which we had data. We used this procedure for Cameroon, Ghana, India, Indonesia, Mozambiqu
Nepal, Niger, Pakistan, Peru, Senegal, and Uganda. The final comparison covers2micaulmth

very roughly comparable income poverty data is available from PovCalNet (World Bank 2012a, acces:

in June 2014), but the conclusions may be affected by the lack of matching data points.

Multidimensional poverty incidence was larger tbamépoverty at the beginning of the comparison
period in 19 of the 25 countries. The gap between the two figures varied between 0.3 percentage poi
for Nigeria in 2003 (with an MPI headcount of 63.5% and income poverty oR8xBe0)3
percentage points for Cameroon 2004 (with an MPI and income incidence of 53.8 and 10.8

respectively).

21The most recent income poverty figure available for Bangladesh is for 2010, while the most recent MPI figure is for 201
This affects the comparison 2620711.

22|n most countries there istat one data poimtr no income data after the start of the féthparison period. There is
no information at all for Zimbabwe.

23In Nigeria, the income poverty figure actually lies within the 95% confidence interval of the MPI headcount, which is
betweer60.4% and 66.7%.
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Table 4: Comparison between Change in  Annualized Incidence of MPI and $1.25/day

MPI Headcount Ratio (H) $1.25 Headcount Ratio

Years of income
information used to

X Level Annualized change Level Annualized change compute change rates
Country & Period
Year 1 Year 2 Absolute Relative Year1l Year2 Absolute Relative Year 1 Year 2
Armenia 20052010 8 (.2) 3 (1) -1 -12.4% 4.0 25 -3 9.1% 2005 2010
Bangladesh 2082011 67.1 (.9) 4956 (.9) 25 -4.2% 521 433 -15 -3.1% 2000, 2005 2010
Bangladesh 2082007 67.1 (9) 59.0 (1.1) 2.7 -4.2% 521 361 -1.5 -3.0% 2000, 2005 2005, 201(
Bangladesh 2082011 59.0 (1.1) 49.6 (.9) 2.4 -4.2% 505 433 -1.4 -3.0% 2005 2010
Benin 20042006 791 (9) 721 (.8) 1.4 -1.8% - - - - - -
Bolivia 20082008 36.3 (8) 205 (.7) 3.2 -10.8% 20.7 156 -1.0 -5.5% 2002,2005 2008
Cambodia 2082010 59.2 (1.1) 459 (1.1) 2.7 -5.0% 359 186 43 -15.1% 2004,2007 2009
Cameroon 20@2011 53.8 (1.3) 46.0 (1.1) 1.1 2.2% 108 9.6 -2 -2.0% 2001 2007
Colombia 2062010 9.0 (3) 57 (2 -7 -8.9% 127 82 -9 -8.5% 2005 2010
Dominican Rep. 2062007 9.3 (4) 5.1 (.3) -8 -11.5% 5.7 3.8 -4 -7.6% 2002 2007
Egypt 20082008 8.2 (4) 6.0 (3) -8 -10.2% 2.0 17 -1 5.3% 2005 2008
Ethiopia 20082011 93.6 (.4) 852 (.9) -8 -0.8% 556 307 23 -5.3% 2000 2011
Ethiopia 20082005 93.6 (.4) 89.9 (.6) -7 -0.8% 55.6  39.0 3.3 -6.9% 2000 2005
Ethiopia 20082011 89.9 (.6) 852 (.9) -8 -0.9% 39.0 307 -1.4 -3.9% 2005 2011
Gabon 200820123 35.4 (1.2) 17.4 (1.0) -15 5.7% - - - - - -
Ghana 20G®008 58.7 (1.1) 419 (1.2 3.4 -6.5% 39.1 286 -1.3 -3.8% 1998 2006
Guyana 20@R0094 12.7 (1.0) 10.6 (.6) -5 -4.4% - - - - - -
Haiti 2005/@52012) 60.6 (1.5) 49.4 (1.3) 1.7 3.1% - - - - - -
India 1998/82005/6 57.3 (4) 49.0 (4) -1.18 2.2% 494 416 -7 -1.5% 1994 2005
Indonesia 20@2012 20.8 (5) 15.5 (.4) 1.1 5.7% 242 162 2.0 -9.5% 2007 2011
Jordan 20@2009 36 (6) 3.0 (4) -3 -7.8% 0.2 0.1 -1 -35.0% 2006, 2008 2008, 201(
Kenya 20032008/9() 60.1 (1.2) 51.2 (1.6) -1.6 -2.9% - - - - - -
Lesotho 200320097 50.8 (1.0) 42.2 (1.4) 1.7 3.7% - - - - - -
Madagascar 2@RD08/9 67.0 (2.1) 733 (1.1) 1.4 2.0% 700 773 16 2.2% 2001, 2005 2005, 201(
Malawi 20082010 721 (1.0) 66.7 (.8) -9 -1.3% 739 616 2.0 -3.0% 2004 2010
Mozambigque 2062011 82.3 (.7) 70.3 (1.0) -1.5 -1.9% 747 596 3.0 -4.4% 2003 2008
Namibia 20082007 41.3 (1.6) 33.7 (1.0) 1.1 -2.9% - - - - - -
Nepal 20062011 64.7 (2.0) 44.2 (2.0) 4.1 -7.4% 531 2438 -4.0 -10.3% 2003 2010
Niger 20082012 93.5 (.5) 89.99 (.6) -6 -0.6% 65.9 436 7.4 -12.8% 2005 2008
Nigeria 20032008 63.5 (1.6) 54.7 (.9) -1.8 -3.0% 638 663 5 0.8% 1996, 2004 2004, 201(
Pakistan 200652012/13 49.4 (.8) 45.2 (1.3) -7 -1.5% 226 210 -8 -3.5% 2006 2008
Peru 200520120 19.5 (1.4) 105 (4) -1.3 -8.5% 8.6 4.9 -7 -10.5% 2005 2010
Peru 20052008 195 (1.4) 15.7 (.7) -1.3 -6.9% 8.6 6.2 -8 -10.2% 2005 2008
Peru 2008012 15.7 (7) 105 (4) -1.3 -9.6% 6.2 4.9 -6 -11.0% 2008 2010
Rwanda 20@2010 82.9 (.8) 66.1 (1.0) 3.4 -4.4% 725 650 -15 -2.2% 2000, 2006 2006, 2011
Senegal 2088010/11 71.2 (2.4) 70.8 (1.5) -1 -0.1% 335 296 -6 -2.0% 2005 2011
Tanzania 2082010 65.6 (1.2) 61.1 (1.1) 2.3 -3.5% - - - - - -
Uganda 2082011 779 (1.1) 66.8 (1.5) 22 -3.0% 515 38.0 -45 -9.6% 2006 2009
Zambia 2001/82007 72.0 (1.3) 64.8 (1.2) -1.3 -1.9% 619 70.0 15 2.3% 1998, 2006 2006, 201(
Zimbabwe 20@®010/11 @ 39,7 (1.1) 335 (1.1) 1.4 3.7% - - - - - -
Source: Data on MPI authorsd estimati on. Data on $1.25
Bank 2012a).

1 Bangladesh, Ethiopia, and Peru have an additional a row showing the overall change firstvaewhttiel periods.

2 Themost recent income poverty figure available for Benin is for 2003, making it impossible to compute the rate of
reduction between 208hd2006.

3 In Gabon, since 1990, there is only income poverty data for 2005. Thus, it is not possible to accutathly pougsty
reduction rate 2002012.

4 The most recent income poverty measure available for Guyana is for 1998 making it impossible to know the rate
reduction 2002009.

5 The most recent income poverty measure available for Haiti is for 20@Lit ingassible to know the rate of reduction
200®2012.

6 The most recent income poverty measures available for Kenya are for 2005 and 1997, making diffidelt an accure
comparison with MPI changes.
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7 The most recent income poverty measure availatlesfitho is for 2003, making it impossible to know the rate of
reduction 2062009.

8 The most recent income poverty measures available for Namibia are 1993 and 2004, making diffictdt an accure
comparison with MPI changes.

9 The most recent income povarigasure available for Tanzania is for 2007. Thus, it is impossible thekrente of
reduction 20G@010.

10 Income poverty daignot available for Zimbabwe.
Figure 1: Absolute Reduction of MPIl and $1.25/day Headcount Ratios (annualized)
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Figure 1 deicts the annualized absolute rates of change in MPI and $1.25/day incidence for the 2:
countries that reduced the multidimensional headcount significantly and for which we have incom
data>' There is no uniform pattern. In some countries, such as CarhligeliaEthiopia, Uganda, and
Mozambiquejncome poverty reductions exceededrétluctions.In other countries the reverse
happened. Bolivia, Ghana, and Rwanda cut MPI incidence two to three times faster than income povel
in absolute terms, and closleel gap to eradication faster in relative terms, too. In Nigeria and Zambia,

the two kinds of poverty changed in different directions: MPI incidence reduced, but income poverty

increased.

24 Relative to the data presented in Table 4, the graph excludes Jordan and Senegal, where the reduction in |
multidimensional headcount was not significant, and Madagascar, where MPI incidence increased.

25 As we cannot estimate the stdderrors for the changes in income poverty, we cannot infer if the differences between
MPI and $1.25/day incidences aagistically significant or not.
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If progress was only measured by reducing income poverty, Nigieda,UGambodia, Nepal,
Mozambique, and Ethiopia would be considered the leaders in poverty reduction, in that order. Th

tremendous gains of Rwanda, Ghana, amndaebuld have been invisible.

If income and multidimensional poverty measures moved tpgethd they both identified the same
people as poothere would be no need for two separate meadihiés.the issue of identification lies
beyond the scope of this paper, weolserve significant variations between both the rates and, at
times, thalirection of change of these two poverty measures. This shows that MPI trends may diverg

from $1.25 trends, drthus merit separate analysis.

In order to eradicate poverty, the rate of reduction in the multidimensional headcount ratio (H) musi
exceed theate of population growth (see Table A.4 in Annex 1). Of the 30 countries that reduced H
significantly, when population growth (using
countries reduced the absolute number of poor people. In teénes@iBenin, Cameroon, Ethiopia,
Kenya, Malawi, Mozambique, Niger, Pakistan, Uganda, and datmbiaumber of poor people

increased.

5 Decomposition of Changes over Time: Different Paths to Poverty Reduction

5.1 Incidence and Intensity

A reduction in MPI occurs because a country has succeeded in Hduleamcidence of poverty, or

in reducing A the intensity of poverty among poor people, or doing both in some proportion

Figure 2 depicts the annualized absolute chaimgedance and intensity (in percentage points) in each

of the 34 countries. An overview of these figures suggests they have followed a wide range of reducti
pathways. Nearly all countries reduced incidengente than intensity. The exceptions were
Ethiopia, where incidence fell by around 0.8 percentage points per year while intensity fell by 1.0, a
Niger, where incidence dropped 0.6 percentage points and intensity drc%fa;bed 0krestingly
performingd countr i e@) anetbdeunteastty (foobMPhpouertyeAbsolate i d e
reductions in intensity {Awere strongest in Rwanda, Nepal, Ethiopia, Bolivia, Niger, Tanzania,
Cambodia, and Ghana, showing the important progress made in the poorest countries to reduce tl
share bhardships experienced by those who are poor.

26 The estimate of the reduction in intensity was larger than the estimate of the reditiemdée also in Senegal and
Jordan. We did not list these countries because they did not register a significant poverty reduction.
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Figure 2: Annual Absolute Change in Incidence and Intensi ty
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Some countries have the same levels of poverty reduction, but different levels of reduction in terms
incidence and intensity. For example, Migand Zambia had similar initial MRivels (0.368 and

0.397, respectively) and have similar annualized poverty reduction rates (0.011 and 0.012 poir
respectively), but reduced MM different ways. In Nigeria the reduction seems to be almost
exclusively driven by a cut in incidence: the headcount ratio declined 1.8 percentage points per year w
intensity did not change significantly. Zambia significantly reduced both i(ti@geeentage points

per year) and iemsity (0.7 percentage points).

We can complement this analysis using Table 2 presented earlier. According to those upper and lov
bounds we confirm that in 22 of the 34 countries, the reduction in poverty wasl acbgtly through
moving people out of poverty (in these count
50%). This is the case, for example, of Armenia where movers contributed between 93.6% and 103.:
to poverty reduction, and Cambodia whbis contribution was between 52.3% and 112.9%. In Niger,

in contrast, poverty reduction was mostly due to decreases in the deprivation scores of the ongoit
poor : the stayersd effect explained bettiesen 5
the results are ambiguous: Bangladesho@ij, Benin, Ethiopia, Haiti, Malawi, Mozambique,

Pakistan, Rwanda, Tanzania, Uganda, and Zambia.
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5.2 How MPI Changes: Reductions in Each Indicator

To analyze dimensional changes, we first review popwialto changes, and subsequently those
among the poor. Table A.5 presents the annualized absolute change of the uncensored headcount ra
of all indicators. The progress in each dimension varies greatly across countries. Bolivia, Indi

Indonesia, and Nl statistically reduced deprivations in all indiééma)al made remarkable
improvements in assets and electricity coverage, the respective raw headcount ratios reduced 6.2 anc
percentage points per year. Bolivia registered its highest adgahoeliattendance and sanitation,

with reductions of 5.2 and 3.9 percentage points per year, respectively. The reductions in India al
Indonesia were overall more modest. In India the biggest improvements were in sanitation and floorir

(1.6 percentage pts).

To focus on the poor, we examine changes in the censored headcount ratios. Note that any re
reduction in any deprivation among the poor always directly reduces poverty, by either reducing tt
intensity of an ongoing poor person or enabling thefrax multidimensional poverty. The censored
headcount of an indicator may also decline if poor people who were deprived in this indicator becarn
nonpoor due to decreases onlythemdicators (butetairthis deprivation in their nguoor status).

Table A.6 displays the annualized absolute change of the censored headcount ratios of all indicatc
When focusing exclusively on the poor, we find that all the countries listed above plus Cambodi
Colombia, the Dominican Republic, Gabon, Mozambiqu®veanita significantly reduce the censored
headcount ratios in all indicators. Rwanda made exceptional progress in sanitation and drinking wat
The percentage of people who were poor and deprived in sanitation reduced on average 7.6 percent
points per gar, between 2005 and 2010; with respect to drinking water, the reduction was 5.6 percenta
points. Gabon made the highest advancements in sanitation and cooking fuel (1.4 percentage poin
Colombia had the biggest improvements in cooking fuel argl (ssqtercentage points); and the

Dominican Republic made the highest reductions in sttevalance and years of school.

A change in MPI is accelerated more by improvements in indicators that bear higher weights, such
education and health (esigth rather than oneighteenth’$’ Considering the rate of change and
indicator weights together, we see that Boliwv

school attendance and child mortal ionwnd childhdi a

27 All these reductions were significarli=t.01 orU=0.05, with the exception of the reduction in deprivation in drinking
water in Nepal that was significant only=at1.

28This means that, for instance, a one percentage point reduction in the censored headcount ratio of malnutrition has a thr
times grater impact on changes in MPI than a one percentage point reduction in the censored headcdo@tusgio of
of cooking fuel, everything else remaining unchanged. The weights rebalance policy incentives, so that each dimension
roughly equivalent préanence.
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mortality; Indonesiads gains in child school
progress was strongly supported by improvements in all four health and education indicators plt
electricity (Table A.7).

It is interesting to see and track the changes in all the relevant indicators and notice that not one of tl

ten MPI indicators remained unchanged in these analyses over time.

Table 5 presents the average annualized rates of absolute change in raw aneéagcsontdatios

by world regioﬁg. Overall, the deprivation which registered the highest reduction on average was acces
to sanitation. It is the indicator whose raw and censored headcounts have the highest average rate
annualized absolute change acedscountries. In SeBaharan Africa, Latin America, and the

Caribbean, nutrition was among the indicators that improved more slowly; while in South Asia the

education indicators changed more slowly on average.

5.3 Subnational MPI Changes

When assessingyaoty reduction patterns, it is important to ensure that no populatigroaplis left

behind. Auseful trait of the MPI measure is its ability to go beyond the national level and be applied tc
population subgroups. This feature allows us to comparediness of different groups and potentially
identify those at risk of falling behind. This section examines whether progress was evenly achiev

across subnational regions and different ethnic groups.

5.3.1Rural-Urban Disaggregation

Table A.8 presentsehevels and changes in MP;, and A by rural and urban areas for each of the
34 countries studied. Poverty was higher in rural than urban areas in all of the countries in both of tt

periods. Twentgix countries had significant reductions in urban pewert§0 in rural areas.

Rural areaas a whole reduced multidimensional poverty faster than urban areas. On average, rural are
reduced the headcount ratio by 1.3 percentage points per year as compared to 1 percentage point
year for urban areas. The annualized average rurabtitieton was 0.009, whereas the urban, MPI
reduction was 0.085Naturally starting levels of poverty and {untahn migration will also have

affected these rates. Rural areas had faster rates of reduction in most indicators.

29 These findings are based on the average uncensored and censored headcount ratios across countries (including tho:
which the change in the headcount rati o was not signi
period d the comparison. Note that low starting levels of deprivation usually have lower absolute rates of change

30These figures are weighted using the population in period 2.
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Table 5: Average Annual Absolute Change in Raw and Censored Headcount Ratios by World Region

Sub-Saharan African Latin America and Caribbean

All countries . . South Asia countries
countries countries
Indicators
No. No. No. No.
Raw Censored countries Raw Censored countries Raw Censored countries Raw Censored countries

. Initial headcount (%) 22.3 214 34.1 33.9 10.1 7.5 224 21.7

Years of schoolin 34 19 6 4
"9 Annual change (p.p.) -0.6 -0.6 -0.9 -0.9 -0.4 -04 -0.6 -0.6

Child school Initial headcount (%) 22.7 20.8 34 34.8 33.9 19 9.4 6.6 6 22.3 20.5 4
attendance Annual change (p.p.) -0.6 -0.6 -1.1 -1.1 -1.1 -0.8 -0.4 -0.4
. . Initial headcount (%) 28.8 26.0 41.5 39.1 14.2 9.1 281 255

Child talit 34 19 6 4
td mortaity Annual change (p.p.) -0.7 -0.8 -1.0 -1.2 -0.5 -0.5 -0.6 -0.7

— 0

Nutrition Initial headcount (%) 36.0 32.0 30 325 30.7 18 9.8 5.2 5 41.4 36.5 3
Annual change (p.p.) -0.6 -0.7 -0.5 -0.5 -0.4 -0.3 -0.7 -0.9
- Initial headcount (%) 40.8 33.8 72.9 61.5 18.4 12.6 37.8 31.7

Electricit 34 19 6 4
ectricty Annual change (p.p.) -0.9 -1.0 -0.5 -1.1 -1.0 -0.8 -1.1 -1.1
I Initial headcount (%) 72.1 49.0 91.1 68.9 37.3 16.4 76.3 52.5

I d tat 34 19 6 4
mproved sanitation  »nnual change (p.p.) 21 -18 26 28 14 11 20 17
. Initial headcount (%) 29.7 22.3 62.8 53.8 17.1 10.0 19.5 14.8

Drinking water 34 19 6 4
nKing w Annual change (p.p.) 12 1.0 20 21 02 05 08 07
Initial head t (% 51.9 40.0 58.0 52.0 21.8 12.3 61.1 459

Flooring nitial headcount (%) 34 19 6 4
Annual change (p.p.) -1.1 -1.1 -0.3 -0.8 -0.4 -0.7 -1.5 -1.4
. Initial headcount (%) 75.3 51.8 88.3 69.4 34.2 16.9 77.1 54.1

Cooking fuel 33 19 6 4
ooKing fue Annual change (p.p.) 06 12 01 -13 06  -10 04 12
Initial headcount (%) 49.8 38.2 59.2 51.0 25.0 13.8 54.6 42.1

Asset ownership 34 19 6 4
Annual change (p.p.) -1.2 -1.2 -1.4 -1.5 -1.6 -11 -0.9 -1.2

Note: The averages were computed considering all countries (including those in which the change in the headcount was)not sigmificdn usi ng as wei ghts the cou
comparison.
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5.3.2 Disaggregation by Subnational &jions

In this section we compare the MRiduction across subnational regions. Data representative at the
regional level are available for 31 countries (omitting Armenia, Guyana, and Peru), covering 338 regio
Table A.9 presents the percentage of regions in each country that have redtycedypiéicantly at a
significance level of at ledls0.05, as well as the percentage of poor people who lived in those regions
at the initial year of the comparison period.

Eight cased Bangladesh, between 2007 and 2011; Bolivia; Gabon; GhanaMdatawlyjque; Niger;
and Rwanda showed statistically significant reductions in each of their subnational regions. In
Bangladesh (2082%) and Benin only one of the regions did not reduce poverty. In total, 208 regions

containing 78% of the poor populatinrour sample showed statistically significant reductions,in MPI

In nine countries, Bangladesh (#2011), Bolivia, Colombia, Egypt, Kenya, Malawi, Mozambique,

Namibia, and Niger, the fastest MRduction occurred in the poorest subnational aredy ishéc

positive findinQAnnex4).3 !

Subnational decompositions are vital in order to display regional disparities. The country with the large
range of subnational MPlalues at the initial year was Kenya. In 2003, Nairobi, the capital, had an
MPI; of 0048, while the North Eastern region, which borders Somalia, had ;aof MBB1. In
Zimbabwe the ratio between regions was largest. In 2006, the province Matabeleland North had ¢
MPI; of 0.301, almost 30 times higher than the; MPthe least poor prawe Bulawayo. Other
regions have greater equity. For instance, at the initial year, the three regions of Jordan;had an M
between 0.01 and 0.018. In 2005, the gap in Egypt was 0.071 and it actually decreased to 0.054 in 2
In Bangladesh, Malawi, Rwan@anzania, and Jordan, the ;M®Ithe poorest region was less than
twice the MPI of the richest region in the initial yBakny study of subnational poverty requires

simultaneous consideration of the number and population share of the regiona over tim

Most countries are moving towards convergence; hence, the gap between the poorest and richi
subnational regions is closing in absolute #&Bus.the subnational disparities increased in Ethiopia
(200@2005), Indonesia, Jordan, Mozambique, Nigari&lifakistan, Tanzamiagd Zambia.

31 Annex 4 includes graphics with the annualized absolute cHdfRedgainst the initiéllPlr for all regions for a select
group of countries. The levels and changeSIRik for all subnational regions in or sample can be found at
http://www.ophi.org.uk/multidimensionglovertyindex/mpi20142015/mpidata/.

32BangladeshJialawi, Rwandand Tanzania have relatively high levels of poverty. Therefore, some may argue that is the
reason why the relative differences between regions are smaller. However, there are countries with similar poverty lev
where that was not the case

33The same does not hold for relative rates, as might be antitiatedy countries where poverty reduction in relative
terms was faster in the poorest than the richest region were Egypt, Haiti, Malawi, Namibia, Nezadd Zemdgdiwe.
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In 15 countries more than half of the subnational regions (with any starting level of poverty) were

reducing poverty at an absol u34tTdaecasastoéUgandBadnd er
Nigeria are especially extreme. In Uganda only two of the nine regions reduced poverty more than t
national average: Western and East Central, at 0.029 and 0.020 points per year, respectively, versu
average of 0.015 points. Nigeria only one of the six regions, South South (which h&d df7.1
Nigeriads population in the initial period of

Most of the top performers in reducing poverty, also decreased disparities acrosdataggbnsvell.

Ghana, Cambodia, and Bolivia have reduced the differences between regions in absolute terms. Rwa
has reduced the dispersion of the distribution and the gap between the bottom and top regions. |
Tanzania only the gap between the;MPthe bottom and the national average was reduced. These
findings suggest that is important to analyze MBuction by subnational regions, as they may have

very different paths.

A useful graphic for this purpose plots the annualized absolute chaAbenriid vertical axis against

the initial MPI for all regions. Figure 3 depicts all regions of Mozambique (light) and Nepal (dark). The
size of the bubbles is proportional to the number of poor people living in the region in the initial year. Ir
Nepal, ve see a strong negative trend between the initial level of the MPI and the annualized absolu
change in the MPI. This means that in Nepal poorer regions have tended to reduce poverty more ths
less poor regions, hence they are converging in absoluténtédiomambique the trend line is almost

flat. Although the poorest region, Nampula, has the highest reduction (0.021 points), Zambezia ar
Cabo Delgado, the other two poorest regions, have slower progress. Overall, this graph shows th
Nepal 6s dpecv @ rotny waes more equitable, favoring
not.

5.3.2 Disaggregation by Ethnic Groups

It is also interesting to assess poverty reduction trends across ethnic groups. In Benin, Ghana, a
Kenya, we decomposed the populatn by t he mai n et Idsmaltethgiagooups s ;
(each generally representing |l ess than 3% of
missing information on ethnicity. The populatveighted average MRIf thesegroups corresponds

to the national MR

341n Ethiopia, 73% of regions had reduced poverty more slowly than the national averag@0b52600 only 46% in
20092011.
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Figure 3: Poverty Reduction in Regions of Mozambique and Nepal
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Annex 4 presents this graphic for additional countries.

The MPI levels and change by ethnic group for Benin, Ghana, and Kenya are presented in Table A.’
in Annex 1.All three countries had statistically significant reductions {n BARIthese gains were
distributed very differently across ethnic groups. Figupichtes Figure 3 for the disaggregation by
ethnic groups for the threeuntries.

Benin reduced MPkignificantly for only two out of the eight main ethnic groups, representing 52% of
the population at the initial year. Poverty reduction was insig@aificarg the poorest ethnic group,

the Peulh. The figure for Benin shows a clear upward trend. The poorer ethnic groups tend to reduc
poverty less. This increase in disparity across ethnic groups reflects an increase in horizontal inequz
among the podiStewart 2010).

Ghana cut poverty among all ethnic groups at similar rate, although the reduction was riyt statistica
significant among the Guan.

Kenya shows a clear groorest reduction across ethnic groups. Poverty was significantly reduced at
U=0.05for only three groups: Somali, Kikuyu, and Luo. The poorest group, the Somali, had the bigge:s
(absolute) reduction in poverty, reducing poverty at an annualized rate of 4.6%, well above the natior
rate of 3.5%.
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Figure 4: Poverty Reduction among Ethnic ~ Groups in Benin, Kenya, and Ghana
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6 Changes in Destitution

Lastly, this section analyses trends in destitution, using a second vector of deprivation cutoffs (Secti
2.1) for the same countries and periods, in order to exploratiges over timetine destitute subset
of the poor in comparison with those who are poor budestitute.

Table A.11 presents the levels and changes in destitution and in the headcount ratio of the destitu
Considering a significance levdl.05, 28 of the 3dountries reduced destitution and 29 reduced its
incidence. The largest absolute reduction in destitutiofYYMBa$ seen in Ethiopia, followed by Niger,
Ghana, Bolivia, Rwanda, Tanzania, Nepal, Haiti, Bangladest0(®0Q0dnd Zambéall of them Low

Income or Least Developed Ctigs except Ghana and Boliianenia, Egypt, Jordan, Madagascar,

and Pakistan had no change in destitution.

In nearly all these countries, destitution is being reduced in relative annualized terms faster th:
multidimensioal poverty. In Ethiopia, Guyana, Niger, and Tanzania that is also true in absolute terms
When this happens, the destitute are being reached, and poverty reduction ispteadgtpro

Between 2000 and 2011, Ethiopia reduced the percentage of thepaputawere destitute by fully
30 percentage points and reduced intensity among the destitute by 10 percentage points. It achie
significant reductions in all indicators and the strongest gains in water, sanitation, ameleducatio

variables.

Comparinghe annualized absolute changes in the MPI poverty headcount ratio (Table 3) and in the
MPI.® destitute headcount (Table A.11), performance is not uniform across both the poor and the
subset who are destitute. Of course this also depends upon intdtiaf Baatitution. Figure 5 illustrates

the decomposition of the change in the multidimensional headcount ratio into change according to tw
groups: those who are destitute and thedners t i t ut e poor, whom we cal

the methodolgy developed by Alkire and Seth (2?315).

For instance Ethiopia, Pakistan, and Malawi reduced the incidence of multidimensional poverty ¢
similar absolute rates, between 0.7 and 0.9 percentage points per year. But patterns vary: in Malawi,
most prepoar, destitute people mostly moved out of poverty altogether. Ethiopia mostly graduated
destitute people to moderate poverty. Pakistan, the lepsobproeduced moderate poverty, leaving

destitution nearly untouched. These comparisons need to be nfiallie bakeever.

35We are grateful to Suman Seth for this graphic.
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Figure 5: Breaking Down the Change in Multidimensional Headcount Ratio into Change in Moderate Poverty and
Change in Destitute
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The incidence of destitution at the starting year was much higher in Ethiopia, 82.1% in 2000, than i
Pakistan23.2% in 2007. In Ethiopia the destitute represented 87.7% of the MPI poor, while in Pakistan
this proportion was only 47.0%. Therefore, the scope for absolute reduction of destitution incidence we
much higher in Ethiopia than inkigan.

Similarly, Gabon and Mozambique both cut poverty incidence at the same rate, but Gabon
predominantly reduced moderate poverty, whereas in Mozambique, which was-poore mpore
destitute people exited poverty. Again, in Mozambique the incidence of destit4ti%vasnd the
destitute represented 58.9% of the MPI poor; while in Gabon the incidence of destitution was only
10.0% and the destitute represented 28.1% of the MPI poor.

The rural absolute reductions in destitution were statistically significant int2&scethich have

higher rates of destitution; urban reductions were significant in 20 countries (Table A.12 in Annex 1). |
terms of destitution indicators, Cambodia, the Dominican Republic, Ethiop@dq@bpHaiti, India,
Indonesia, Mozambique, Nigand Rwanda have registered reductions significant at least at the 5%
level in all censored headcount ratios.
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7 Concluding Remarks

This paper set out a systemic accourthahges over time multidimensional poverty using the
Alkire-Foster Adjusted Hdaount Ratio and its consistent -Butices. It also scrutinized various
approaches to assessing thepparness of multidimensional poverty reduction. These techniques were
applied to the analysis of changes in multidimensional poverty based onltMPylabd related
destitution measure. The analysis focused on 34 countries, covering 2.5 billion people, for which there
a recent MPI estimation and comparable DHS dataset for analysis across time. A rigorou
standardization of the MPI indicator sets parameters were undertaken for those countries for which

changes in the survey questionnaire may affect comparability.

Fully 31 out of the 34 countries considered in this paper significantly reduced multidimensional pover
over two or three periodard 28 of these reduced destitutibiepal, Rwanda, Ghana, and Tanzania
were the best performers in reducing MPI in absolute terms. Armenia, the Dominican Republic, an
Bolivia achieved the fastest reductions in relative terms. The relationships betwaea tie
multidimensional poverty reduction and reduction in $1.25/day poverty were variable, which sugges

each measure merits separate analysis.

The paper also assessed different paths to poverty reduction. Methodologically, we considered varic
approahes to measuring the incidence or intensity effect in reducing the Adjusted Headcount Ratio o
multidimensional poverty. Despite being an attractive techmégtaund that Shapley decompositions
require assumptions that could not be justified empincaflysssectional datasets. So we analyse the
absolute rates of change in headcount (H) and intensity (A) by countries and region and find a
informative range of relative rates of reduction of these two partial Modisesountries reduced
poverty r&atively more through a reduction in the incidence of poverty, although in Ethiopia and Niger
the MPI was mainly reduced by a decrease in the intensity of deprivation among the poor. This findir
demonstrated empirically the vadded of using the adgdtheadcount measure MPI, rather than
merely a headcount ratio. In terms of dimensional changes, we found significant changes in all ten M
indicators. The dimensional reduction profile varied across country. Deprivation in nutrition reduced the
most in 8b-Saharan Africa and Latin America and the Caribbean, while education indicators did in
South Asia. Naturally, panel data would permit a more precise analysis of dimensional pathways

multidimensional poverty reduction.

Next, the paper assessed thenextewhich poverty reduction has beengor by decomposing MPI
by ruralurban areas, by subnational regions, and by ethnic groups. We found convergence betwe
urban and rural areas in all countries but significant reduction in urban areas adyntriegs as

opposed to 30 countries with respect to rural areas. A total of 208 subnational regions, representing 7:
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of our sample, showed a statistically significant reduction in MPI. In termgpadrpsabnational
analysis, in 9 out of the 31 coig®having regional decompositions, the poorest region experienced the
fastest reduction. Countries like Uganda or Nigeria are negative cases where poverty reduction v
driven by only a few regions. Finally, three country examples were presenteddaélcmtnposition
by ethnicity. In Benin, the poorest ethnic groups reduced poverty more slowly, leading to an increase
horizont al Il nequality; in Ghana ethnic group:

reduction greatly decreaseg@alises between ethnic groups.

This study could be expanded by harmonizing existing data from the Multiple Indicator Cluster Surve)
(MICS) with other MICS and DHS surveys, as well as by including other national household surveys.

addition, 64 new datéseovering 52 countries are expected to be released within three years. Therefore
there is potential to expand this time series analysis for multidimensional poverty monitoring

significantly.
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Annex 1: Tables

Table A.1: Levels, Changes and Statistical Significance of Changes in Incidence (H 7)

ommesonel,y  Amualzed Change  Salsics

Year 1 Year 2 Absolute % Relative difference
Armenia 2008010 8 (2 3 (1 -1 -17.6% 221  **
Bangladesh 2082007 67.1 (9) 59.0 (1.1) -2.7 -4.2% 5.03  ***
Bangladesh 2082011 59.0 (1.1) 49.6 (.9) -2.4 -4.2% 6.76  ***
Benin 20032006 79.1 (9) 72.1 (.8) -1.4 -1.8% 5.63 ***
Bolivia 20032008 36.3 (.8) 20.5 (.7) -3.2 -10.8% 13.15  ***
Cambodia 20@2010 59.2 (1.1) 45.9 (1.1) 2.7 -5.0% 8.57 ¥
Cameroon 20@2011 53.8 (1.3) 46.0 (1.1) -1.1 -2.2% 477 x>
Colombia 20@2010 9.0 (.3) 5.7 (.2) -7 -8.9% 8.05  ***
Dominican Rep. 2062007 9.3 (4) 51 (.3) -.8 -11.5% 8.59 ***
Egypt 20062008 8.2 (.4) 6.0 (.3) -.8 -10.2% 4.69 x*
Ethiopia 20082005 93.6 (.4) 89.9 (.6) -7 -0.8% 3.32  w
Ethiopia 20082011 89.9 (.6) 85.2 (.9) -.8 -0.9% 4.17 x>
Gabon 20082012 354 (1.2) 17.4 (1.0 -1.5 -5.7% 10.83 ***
Ghana 20G@®2008 58.7 (1.1) 41.9 (1.2) -3.4 -6.5% 9.74 ¥
Guyana 20@2009 12.7 (1.0) 10.6 (.6) -5 -4.4% 1.76 *
Haiti 2005/@2012 60.6 (1.5) 49.4 (1.3) -1.7 -3.1% 5.19  ***
India 1998/92005/6 57.3 (4) 49.0 (.4) -1.2 -2.2% 13.43 ***
Indonesia 20@2012 20.8 (.5) 15.5 (.4) -1.1 -5.7% 8.15  ***
Jordan 20@2009 3.6 (.6) 3.0 (4) -3 -7.8% 0.79
Kenya 200&008/9 60.1 (1.2) 51.2 (1.6) -1.6 -2.9% 4.18  x+*
Lesotho 2002009 50.8 (1.0) 42.2 (1.4) -1.7 -3.7% 476  *+*
Madagascar 2@»D08/9 67.0 (2.1) 73.3 (1.1) 14 2.0% 2.87  xx*
Malawi 20082010 72.1 (1.0) 66.7 (.8) -9 -1.3% 433  x*
Mozambique 2083011 82.3 (.7) 70.3 (1.0) -1.5 -1.9% 9.90 ¥+
Namibia 20082007 41.3 (1.6) 33.7 (1.0) -1.1 -2.9% 3.03  ***
Nepal 20082011 64.7 (2.0) 44.2 (2.0) -4.1 -7.4% 7.30 ***
Niger 20062012 93.5 (.5) 90.0 (.6) -.6 -0.6% 462w
Nigeria 2003008 63.5 (1.6) 54.7 (.9) -1.8 -3.0% 456  **
Pakistan 200662012/13 494 (.8) 452 (1.3) -7 -1.5% 2.63 =
Peru 20032008 19.5 (1.4) 15.7 (.7) -1.3 -6.9% 168 *
Peru 200&012 15.7 (7) 105 (4) -1.3 -9.6% 5,55 ¥
Rwanda 20@2010 829 (.8) 66.1 (1.0) -3.4 -4.4% 12.60 ***
Senegal 2088010/11 71.2 (2.4) 70.8 (1.5) -1 -0.1% 0.15
Tanzania 20@2010 65.6 (1.2) 61.1 (1.1) -2.3 -3.5% 2.88  ***
Uganda 20@2011 779 (1.1) 66.8 (1.5) -2.2 -3.0% 525 ¥
Zambia 2001/82007 72.0 (1.3) 64.8 (1.2) -1.3 -1.9% 3.09  w*
Zimbabwe 20G#®010/11 39.7 (1.1) 335 (1.1) -1.4 -3.7% 3.98  w*

Note: * ** statistically significant at a=0.01, **

Standard errors reported between bracl
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Table A.2: Levels, Changes and Statistical Significance of Changes in Intensity (A )
Intensity of Poverty () Annualized Change t-st?(t)irstics
Year 1 Year 2 Absolute % Relative difference
Armenia 20082010 354 (.9) 352 (1.7) -1 -0.2% 0.13
Bangladesh 2082007 54.3 (.3) 51.8 (.3) -8 -1.6% 484 **
Bangladesh 2082011 51.8 (.3) 49.3 (.4) -.6 -1.2% 4.69
Benin 20042006 59.9 (.6) 57.4 (4) -5 -0.9% 3.61 **
Bolivia 20032008 48.3 (.3) 43.7 (4) -9 -2.0% 8.87 ¥
Cambodia 20@2010 505 (4) 46.1 (.3) -9 -1.8% 8.68  ***
Cameroon 20@2011 55.3 (.7) 53.8 (.7) -2 -0.4% 1.48
Colombia 20@®2010 429 (4) 41.0 (.3) -4 -0.9% 4.02 w*
Dominican Rep. 2082007 431 (3) 394 (.3) -7 -1.8% 7.60
Egypt 20052008 41.4 (4) 407 (.4) -2 -0.5% 1.17
Ethiopia 20082005 723 (3) 67.2 (.4) -1.0 -1.4% 8.64  ***
Ethiopia 20082011 67.2 (4) 61.8 (.5 -9 -1.4% 8.65  ***
Gabon 20082012 455 (4) 433 (4) -2 -0.4% 3.46
Ghana 20G®2008 525 (4) 48.1 (.5) -9 -1.7% 6.53  ***
Guyana 20@2009 39.2 (.8) 39.0 (.5) .0 -0.1% 0.18
Haiti 2005/@2012 55.3 (.7) 50.3 (.5) -8 -1.5% 6.21  ***
India 1998/92005/6 53.1 (1) 51.9 (.2) -2 -0.3% 490 **
Indonesia 20@2012 459 (.3) 429 (.2 -6 -1.3% 8.11  ***
Jordan 20@2009 355 (5) 34.6 (.5 -4 -1.2% 1.23
Kenya 2003008/9 49.3 (5) 47.7 (.7) -3 -0.6% 187 *
Lesotho 20032009 46.8 (.3) 45.0 (4) -4 -0.8% 3.23
Madagascar 2@»D08/9 55.8 (.6) 56.5 (.4) 2 0.3% 0.94
Malawi 20032010 52.8 (.3) 50.1 (.3) -4 -0.9% 7.01
Mozambique 2083011 61.3 (4) 559 (4) -7 -1.2% 9.93 ¥+
Namibia 20082007 47.1 (6) 458 (.4) -2 -0.4% 1.67 *
Nepal 20082011 54.0 (.6) 49.0 (.7) -1.0 -1.9% 5.68 ***
Niger 20062012 74.4 (.6) 69.0 (.5) -9 -1.3% 7.45
Nigeria 2003008 579 (.7) 57.3 (4) -1 -0.2% 0.57
Pakistan 200662012/13 534 (4) 51.8 (.6) -3 -0.5% 229 *
Peru 20032008 43.7 (5) 422 (4) -5 -1.1% 223
Peru 200&012 422 (4) 41.0 (.3) -3 -0.7% 253 *
Rwanda 20@2010 55.6 (.3) 49.9 (.3) 1.1 -2.1% 12.98 *
Senegal 2088010/11 61.8 (1.0) 59.7 (.7) -4 -0.6% 194 *
Tanzania 20@2010 56.6 (.5) 54.8 (.4) -9 -1.6% 3.07
Uganda 20@2011 539 (4) 514 (.5 -5 -0.9% 3.66 ***
Zambia 2001/22007 55.1 (.4) 51.2 (4) -7 -1.3% 6.98  ***
Zimbabwe 20G#®010/11 453 (3) 432 (.3) -5 -1.0% 451 x
Note: * ** statistically significant at a=0.01, **

Standard errors reported between bracl
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Table A.3: Multidimensional Poverty and GNI Per Capita Growth

Multidimensional Poverty GNI per capita®
Annualized  Annualized GNI per capita  Average GNI

Countries MPI 1 absolutt_a relativq in Year 1, Atlas  per capita

Year 1 change in change in method growth

MPI ¢ MPI ¢ (current US$) (annual %)

Armenia 20082010 0.003 0.000 -17.7% 1,500 6.5%
Bangladesh 2082007 0.364 -0.020 -5.7% 430 5.4%
Bangladesh 2082011 0.306 -0.015 -5.4% 510 5.5%
Benin 20082006 0.474 -0.012 -2.7% 360 0.7%
Bolivia 20032008 0.175 -0.017 -12.6% 900 2.5%
Cambodia 20@2010 0.299 -0.017 -6.7% 460 6.1%
Cameroor20042011 0.298 -0.007 -2.6% 800 0.8%
Colombia 20@2010 0.039 -0.003 -9.8% 2,930 2.9%
Dominican Rep. 2062007 0.040 -0.004 -13.0% 2,780 4.3%
Egypt 20082008 0.034 -0.003 -10.7% 1,290 4.9%
Ethiopia 20082005 0.677 -0.014 -2.2% 120 3.6%
Ethiopia200®2011 0.604 -0.013 -2.3% 160 8.2%
Gabon 20082012 0.161 -0.007 -6.1% 3,100 -0.1%
Ghana 20G®008 0.309 -0.021 -8.1% 320 4.8%
Guyana 20@200%) 0.050 -0.002 -4.5% 1,070 0.0%
Haiti 2005/@20122 0.335 -0.013 -4.5% 445 0.2%
India1998/92005/82 0.304 -0.007 -2.5% 435 5.1%
Indonesia 20@2012 0.095 -0.006 -7.0% 1,610 4.8%
Jordan 20G2009 0.013 -0.001 -8.9% 3,030 4.5%
Kenya 2003008/9? 0.296 -0.009 -3.5% 410 2.0%
Lesotho 20082009 0.238 -0.010 -4.4% 750 -0.1%
Madagascar 2GRD08/92) 0.374 0.009 2.3% 290 2.0%
Malawi 20082010 0.381 -0.008 -2.2% 220 0.8%
Mozambique 2002011 0.505 -0.014 -3.1% 230 4.7%
Namibia 20082007 0.194 -0.006 -3.2% 1,950 3.6%
Nepal 20062011 0.350 -0.027 -9.1% 350 3.1%
Niger200®2012 0.696 -0.012 -1.9% 270 0.9%
Nigeria 200008 0.368 -0.011 -3.2% 410 -
Pakistan 200662012/13? 0.264 -0.005 -2.0% 845 1.8%
Peru 20032008 0.085 -0.006 -8.0% 2,700 6.7%
Peru 20082012 0.066 -0.006 -10.3% 4,020 5.7%
Rwand&00%2010 0.461 -0.026 -6.4% 260 5.6%
Senegal 2068010/11? 0.440 -0.003 -0.7% 770 1.1%
Tanzania 20@2010 0.371 -0.018 -5.0% 450 3.5%
Uganda 20@2011 0.420 -0.015 -3.9% 330 4.5%
Zambia 2001/82007 0.397 -0.012 -3.2% 325 -1.4%
Zimbabwe200®2010/115 0.180 -0.008 -4.7% 420 -

(1) Data downloaded from World Development Indicators website on January 15, 2014.
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(2) In the cases where the survey referred to two years, the GNI per capita presented in the Table corres
averag&NI per capita of those two years.
(3) There is no official data on the GNI per capita for Guyana and Nigeria.

(4) The average of the GNI per capita growth for Niger was computed based on the periods 2009 and 2!
was no data for previoysars.

(5) There is no income data for Zimbabwe.
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Table A.4: Annualized Change in the Number of Poor

MPI Headcount POPULATION TOTAL MPI POOR
H+ (%) (in Thousands) (in Thousands)

Annual  Annual
absolute relative

Year1l Year?2 Year 1 Year 2 Yearl Year?2
change change

(p-p.) (%)
Armenia 2008010 8 3 3015 2,963 23 9 -3 -17.9%
Bangladesh 2082007 67.1  59.0 141,235 146,457 94,804 86,479 -2,775 -3.0%
Bangladesh 2082011 59.0  49.6 146,457 152,862 86,479 75874 2,651 -3.2%
Benin 20042006 791 721 7,175 8,444 5674 6,089 83 1.4%
Bolivia 20082008 363 205 9,017 9,834 3271 2,011 252  -9.3%
Cambodia 20@2010 59.2 459 13,356 14,365 7,904 6593 262  -3.6%
Cameroon 20@2011 53.8  46.0 17,675 21,156 9,503 9,736 33 0.3%
Colombia 20@%010 9.0 5.7 43,841 46,445 3967 2,636 266  -7.9%
Dominican Rep. 2062007 9.3 5.1 8,935 9,615 831 487 69  -10.1%
Egypt 20082008 8.2 6.0 71,778 75,492 5913 4,497 472 -8.7%
Ethiopia 20082005 93.6  89.9 66,024 76,167 61,791 68,477 1,337 2.1%
Ethiopia 20052011 89.9 852 76,167 89,393 68,477 76,178 1,284  1.8%
Gabon 20082012 354 174 1,226 1,633 434 284 -12 -3.5%
Ghana 2002008 58.7 419 20,302 23,110 11,923 9,691  -446  -4.1%
Guyana 20@2009 127 106 761 781 97 83 -3 -3.7%
Haiti 20062012 60.6  49.4 9,389 10,174 5691 5026 @ -111 = -2.1%
India 1998/82005/6 57.3 490 1,025,01F 1,143,28¢ 587,273 560,315 -3,851  -0.7%
Indonesia 2082012 208 155 230,973 246,864 47,948 38,180 -1,954 -4.5%
Jordan 20@2009 3.6 3.0 5656 6,181 203 188 7 -3.6%
Kenya 2002008/9 60.1 512 33,905 39,825 20,378 20,401 4 0.0%
Lesotho 20082009 50.8 422 1,912 1,990 971 839 -26 -2.9%
Madagascar 2GED08/9 670 733 17,763 20,496 11,903 15,022 693 5.3%
Malawi 20082010 721 66.7 12,569 15,014 9,059 10,008 158 1.7%
Mozambique 2082011 823 703 19,873 24,581 16,353 17,289 117 0.7%
Namibia 20082007 413 337 1,898 2,081 784 701 -12 -1.6%
Nepal 20082011 647 442 25,634 27,156 16,596 12,003 -919  -6.3%
Niger 20062012 935  90.0 13,680 17,157 12,790 15,440 442 3.2%
Nigeria 20032008 635 547 132,550 151,208 84,223 82,653  -314  -0.4%
Pakistan 200682012/13 ~ 49.4  45.2 163,928 182,143 80,996 82,400 234 0.3%
Peru 20052008 195 157 27,723 28,626 5413 4508  -302  -5.9%
Peru 20082012 157 105 28,626 29,988 4508 3,149  -340  -8.6%
Rwanda 20@2010 829  66.1 9,429 10,837 7,819 7,165  -131  -1.7%
Senegal 2088010/11 712 708 11,271 13,331 8,026 9,445 258 3.0%
Tanzania 2082010 656  61.1 42,354 44,973 27,803 27,496  -154  -0.6%
Uganda 20@2011 779 668 29,711 36,346 23,133 24,270 227 1.0%
Zambia 2001/82007 720 648 10,625 12,110 7,652 7,847 35 0.5%
Zimbabwe 20G®010/11 39.7 335 12,724 13,359 5050 4,475  -128  -2.7%

Note: Population figures correspond to United Natidepartment of Economic and Social Affairs, Population Div
(2013). World Population Prospects: The 2012 Revision, DVD Edition. Figures for Senegal 2010/11 correspond t
between both years. When the survey refers to two years, like Zabibjav20consider the population in the second ye
the survey.
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Table A.5: Annualized Absolute Change in Raw Headcount Ratios (percentage points)

Years of Child Child -, - Improved Drinkin ) Cookin Asset

schooling attsecnhdoe?rl ce mortality Nutrition  Electricity sarFl)itation water9 Flooring fuel ’ ownership
Armenia 2008010 0.0 -0.1 -0.7%* 0.1 0.0 2.4%%% 0.2 -0.2%** -0.6%** 1.4
Bangladesh 2082007 -1.0% 1.4 -1.6%* -1.8%* -2.3* -7.0%%* 0.0 L4 -0.3 -0.1
Bangladesh 2082011 -1.3%** -0.6%** -1.2%x* -1.6%** -3 1xx* -3.0%** -0.1 -1.3%** -0.9%** 1.2%*%*
Benin 20082006 -1.2%*% =215 -1.5%xx -0.6%** -0.8%** -0.5%** -0.3 0.3 0.0 -0.1
Bolivia 20082008 -0.3** -5,2%*x -0.9%** -0.3%** -1.8%** -3.9%** =145 -0.8%** -0.7** -1.6%**
Cambodia 20@2010 -1.3%*x -2.3%%x -1 7% -0.4* -2.3%xx -2.5%%x -0.6 -0.3** -0.9%* -1.8%*
Cameroon 20@2011 -0.9%* -0.3 -0.2 0.0 -0.9%+* 2.4k 0.0 -0.7%* 0.0 -3.2%%%
Colombia 20G®010 -0.3%* -0.7%%* -0.3%* -0.4%** -0.2% -0.7%%* 0.2 -0.4%** -0.4%* B
Dominican Rep. 2062007 -0.5%* -1.6%+* -0.5%* -0.1%* -0.7%%* -1.0%%* 1.7%% -0.5%** -0.3* 0.1
Egypt 20082008 0.0 -0.7%%* -2.2%%% 0.1 -0.1* B I Rl -0.1 -0.6** - -0.3*
Ethiopia 20082005 2.2 -0.8** -1.3%* -1.0%* -0.1 -1.0%x* -6.0%** -0.2 0.1 -0.5%*
Ethiopia 20052011 -2.3%* -2.8%+* -0.7%* -0.8*** -1.2%%* -0.6%** 2.3%%% -0.8*** 0.2%* -0.6%**
Gabon 20082012 -0.5%** -0.5%** -0.2 -0.3%** -1.6%** -0.9%** -1.0%*=* R -1.9%** -0.6%**
Ghana 200®008 -1.0%** -4 4*** B -0.8x** -2.4%** -0.9%** -3.5%** 0.6** -0.7%** -2.2%**
Guyana 20@2009 0.2%* 0.4%*=* -0.7%** - -0.4 -1.2%* 0.0 -0.1 -0.6 -1.0%*
Haiti 20062012 -1.3%* -1.6%** -0.7%** -1 -0.7 -1.5%* 0.5 -0.2 0.2* -3.3%*
India 1998/82005/6 -0.5%* -0.2%* -0.6%** -0.6%** -0.9%+* -1.6%%* B I il -1.6%* -0.3%* -0.8*+*
Indonesia 20@2012 -0.2%%* -0.4%%* -0.5%* - -1.0%* =22k N Rl -0.8*** -3.1%* -3.2%%%
Jordan 20@2009 0.4x** 2.9 -0.1 2. 1% -0.5%* I il 0.0 0.0 0.0 -0.1
Kenya 200%2008/9 -0.6** -0.4* -0.9%** 0.0 -0.9% -2.6%%* -2.8%%* -0.8* 0.5* -0.4
Lesotho 20032009 -0.6%** B -0.8*** -0.2 -2.0%* <17 oy -1.1w -0.5 0.2
Madagascar 2Gi2008/9 1.1+ 0.0 0.8** 2.8%* 0.5 -0.4%** -1.8** -0.2 0.17%** -1.2%*
Malawi 20082010 -0.9%** B R 1.0%** -0.5%** -0.4x** -1.3%** -2, 1xx* -0.5* 0.1 -1 7
Mozambique 2062011 -2.2%%* -1.4%%* B -0.5%** -1.5%x* -2.4xxx -0.4* -0.2 -0.1 -1.0%**
Namibia 20082007 -0.2 -0.7%** 0.0 -0.4* -1+ -1.2%%* -0.9%* -1.2% -0.5 -1.2%%*
Nepal 20082011 -1.6%** -1.5%** -2.0%** -2.4%x* -5.3%** =31 -0.8* -1.3* -1.5%x* -6.2%**
Niger 20082012 -1.0%** -2.0%** -1.6%** -0.7%* -0.8%** -0.9%** -2.0%%* -0.6** 0.0 -0.2
Nigeria 20032008 -0.4 -0.7+ 1. 2% -0.6** 0.7 -4.6%%* 3.4 0.4 0.3 -0.3
Pakistan 20@2013 -0.4** -0.9%+* -0.1 - -0.5* -1.8%%* -0.1 -0.7% -0.6* -1.9%*
Peru 20052008 0.1 -0.2 -0.5* -0.3* 2.4+ -4.0%%* -1.6 0.7 -0.7 -2.0%*
Peru 2008012 -0.3%* 0.0 -0.5%** 0.1 -1.9%* -0.3 -1.0%+* -1.1x -1.6%* -2.8%*
Rwanda 20@2010 -1.6%+* 1. 7% -1.5%* -1.6%* -1.0%+* 7.4 -4.8x+* -1.0%* 0.0 -1.5%*
Senegal 2008010/11 B R 0.1 -0.7 1.6%** -1.8%** -1 7 -1,9%** -0.3 2.0%** -0.6
Tanzania 20@2010 -0.7 0.5 -2.8%** - -1.3** -4.6%** 1.5 -1.6** -0.5* -4 5rx*
Uganda 20@2011 -0.2 -0.8*** -1.3%** -0.7* -0.9%** -2.2%** -3.5%** -0.7 -0. 1% i
Zambia 2001/22007 -0.1 -2, 7xF* -0.2 -2.0%* -0.1 -1.6%%* 1.7%% 0.2 0.1 2. 4xk
Zimbabwe 200#%010/11 -0.1%* o 0.2 -0.7%* 0.1 1,15 -0.7 -0.8** 0.6 -3.1%*
Note: * ** statistically significant at &4=0.01, ** statistically sig
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Alkire, Roche and Vaz Changes Over Time in MD Poverty

Table A.6: Annualized Absolute Change in Censored Headcount Ratios (percentage points)

Years of Child school  Child Improved Drinking Cooking Asset

schooling attendance mortality Nutrition  Electricity sanitation ~ water Flooring fuel ownership

Armenia 20082010 0.0 0.0 -0.1%* 0.0 0.0 -0.1%* 0.0 0.0 -0.0% -0.0%*
Bangladesh 2082007 -1 -1 4 -1.8%*x -2, 2%k -2.6%** -5.8*xx 0.0 -2.8%x -2.6%%* -2.0%x*
Bangladesh 2082011 -1.4%x -0.8%** -1.3% -1.8%* -2.8%x* -2.7% -0.2 -2, 2%k D B -1.4%
Benin 20042006 -1.2%x -1.9%x -1.6%** 0.7+ -1.3%x* -1.5% -0.6 0.1 145 -0.5*
Bolivia 20082008 -0.4%+* -3.9%x* -1.5%x -0.4%x -2.2%%* -3.1%x -1.6%* -1.9%x -2, 1% -1.7Hx
Cambodia 20@2010 -1.4%x* -2.3%%* -2.0%** -1.1w -2.7%* -2.8%* -1.2%x -0.3** -2.7%* -1.7Hx
Cameroon 20@2011 -0.9%+* -0.3 -0.5** 0.0 R Rl -2, -0.4 -1.0% R Rl -2.2%xx
Colombia 20@®2010 -0.3%+* -0.4%xx -0.2%xx -0.3%xx -0.2%+* -0.4%xx -0.1** -0.3%xx -0.5%+* -0.5%xx
Dominican Rep. 2062007 -0.5%** -0.7%xx -0.4%xx -0.2%xx -0.4%x* -0.4%xx -0.1** -0.3%x -0.4%x* -0.4%xx
Egypt 20052008 -0.2* -0.6%** -0.8x+* 0.0 0.0 -0.3%+* 0.0 -0.3%+* - -0.2%%*
Ethiopia 20082005 -2.2%%* -0.9%** -1.3% -1.0%** -0.4 <147 -5.9%** -0.5* -0.6** -0.8%**
Ethiopia 20052011 -2.3%%* 2.8 0.7+ -0.9%** -1.3%x* B il 2.0%x* B Rl O B i -1.0%**
Gabon 20082012 -0.4%+* -0.4%x* -0.6%** -0.4%xx -1.2% -1.4%x -1.0%x* -1.0%x* -1.4%%* =128
Ghana 20G®2008 R Rl R el -1.5%xx R el -2.8%+* -3.5%*x -3.2%x* 0.1 -3.3%k* -2.5%xx
Guyana 20@2009 0.1%x* 0.1** -0.7** - -0.1 -0.4** 0.0 0.0 0.0 0.0
Haiti 20062012 -1.3%r -1.6% B el B -1.6%+* -1.8%xx -0.2 -0.7** B il -2.8%xx
India 1998/92005/6 -0.5%* -0.3%* -0.6%** -0.7%+* -0.9%** -1.5%x S0.9%%F L1 ] M -1.0%**
Indonesia 20@2012 -0.3%** -0.5%x* -0.5%*x - -0.5%** -1.0%x -0.8%** -0.5%* -1.2%k -1, 2%k
Jordan 20@2009 0.1 0.2 -0.1 0.7+ 0.0 -0.1 -0.1 0.0 0.0 0.0
Kenya 2008008/9 -0.6** -0.4* -0.9%** -0.1 -7 -2.4%% -2.6%** -1.5% -1.5%* -1.4%x
Lesotho 20032009 -0.6*** -0.9%x* -0.7%xx -0.3 -1.9%x* -2.1%x B el -1.6%** -1.5%%* -1.6%**
Madagascar 2GE2008/9 1.1%* 0.1 0.8** 2.5%k* 1.2%** 1.2%* -0.8 -0.2 1.4%%* -0.2
Malawi 20022010 -0.9%+* o il 0.8*** -0.6%** o Rl -1.5%xx D el -1.2%xx -0.9%+* -1.6%*
Mozambique 2082011 -2.2%k* -1 4% -1, 3% -0.6%** B il -2.4%xx -0.9%x* -1.0% -1.5%k -1, 3%
Namibia 20082007 -0.2 -0.7%xx -0.1 -0.4%xx I Rl -1.0%x -0.9%x* B il -0.9** B il
Nepal 20082011 -1.8%** -1.5%* -2.3%* -3.0%** REN el -3.7%* B Rl -3.7%* R el -5.07*
Niger 20062012 -1.0%** -2.0%** -1.7R -0.9%** -0.9%** B il S2. 1% L0.8% -0.6% -0.4
Nigeria 2003008 -0.4 -0.7** -1.6%* -0.8%** -0.1 -4 4%xx -2.8%%* 0.2 -1.5%* -0.8**
Pakistan 20@2013 -0.5%** -0.8%** -0.1 - -0.5 =128 -0.1 -0.8%** -0.7** -1.4%xx
Peru 20032008 0.1 -0.3 -0.5* -0.3** -1.5% -2.1%xx -1.1* -0.7 -1.2* -1.3*
Peru 20082012 -0.4%+* -0.1* -0.5%*x 0.0 -1.3%r* -0.9%x* I il -1.3%xx -1.3%k* -1.6%**
Rwanda 20@2010 -1.6%* B i -1, 7 =17 -3.5%r* -7.6%* -5.6%#* -3.3%x -3.4%kx -3.7%xx
Senegal 2008010/11 (I il 0.2 -0.6 1.4%** B il =14 -1.9%xx -0.6 1.0%* -0.6
Tanzania 2082010 -0.7 0.3 -2.8%** - -2.3%x* -3.8%** -0.8 S22, 1% 2.3k -3.5%**
Uganda 20@2011 -0.3 -0.8%* -1.6%** -0.7* -2.2%%* -3.4%x S3.9%k 18R 2k -390
Zambia 2001/32007 -0.1 -2.5%%* -0.5* -1.9%x -1 -1.9%x 0.6 -0.5 -1 -2.3%*
Zimbabwe 20G#®010/11 -0.1* R 0.0 -0.6%** -1.5%* -1.0%* R -1.4%x -1.4%+* -2.2%%
Note: *** statistically signicmt at &=0.01, ** statistically significant at 4=0.0

OPHI Working Pap&s 42 www.ophi.org.uk



Alkire, Roche and Vaz Changes Over Time in MD Poverty

Table A.7: Indicators Contribution to Annualized Absolute Change inMPI ¢

Decomposition of change in MPI by indicator (%)

Years of  Child school Child Improved  Drinking Cooking Asset

schooling  attendance  mortality Nutition  Electricity sanitation water Flooring fuel ownership
Armenia 206010 1% 23% 48% -4% 1% 11% 3% 3% 7% 6%
Bangladesh 2082007 9% 12% 15% 19% 7% 16% 0% 8% 7% 6%
Bangladesh 2082011 15% 8% 14% 20% 10% 10% 1% 8% 9% 5%
Benin 20032006 17% 26% 23% 9% 6% 7% 3% 0% 6% 2%
Bolivia 20032008 4% 37% 14% 4% 7% 10% 5% 6% 7% 5%
Cambodia 20@2010 13% 22% 19% 10% 9% 9% 4% 1% 8% 5%
Cameroon 2082011 20% 8% 11% 0% 8% 16% 3% 8% 8% 17%
Colombia 20G2010 16% 21% 13% 14% 3% 7% 3% 5% 9% 9%
Dominican Rep. 2062007 20% 31% 16% 7% 5% 5% 2% 5% 5% 5%
Egypt 20062008 8% 33% 39% 2% 1% 7% 0% 7% - 4%
Ethiopia 20002005 26% 10% 16% 11% 2% 5% 23% 2% 2% 3%
Ethiopia 20082011 30% 35% 9% 11% 6% 5% -9% 5% 3% 4%
Gabon 20082012 10% 10% 14% 10% 9% 11% 8% 8% 11% 9%
Ghana 20G®008 9% 32% 11% 9% 7% 9% 8% 0% 9% 6%
Guyana 20@2009 -12% -12% 110% - 3% 12% 0% -1% 0% 0%
Haiti 20062012 17% 20% 14% 13% 7% 7% 1% 3% 7% 12%
India 1998/82005/6 12% 6% 15% 16% 7% 11% 7% 10% 8% 8%
Indonesia 20@2012 9% 14% 27% - 5% 10% 8% 5% 11% 11%
Jordan 20@2009 -9% -35% 19% 111% 2% 7% 5% -1% 1% 0%
Kenya 2008008/9 10% 8% 16% 2% 10% 14% 15% 9% 9% 8%
Lesotho 20082009 11% 16% 12% 5% 11% 12% 6% 9% 9% 9%
Madagascar 2@2008/9 20% 1% 15% 47% 8% 8% -5% -2% 9% -1%
Malawi 20082010 20% 24% -16% 12% 8% 11% 15% 8% 6% 11%
Mozambique 2062011 26% 17% 15% 7% 7% 10% 3% 4% 6% 5%
Namibia 20082007 5% 20% 4% 13% 11% 10% 8% 11% 9% 11%
Nepal 20082011 11% 9% 14% 19% 10% 8% 2% 8% 8% 10%
Niger 20062012 13% 27% 22% 11% 4% 5% 9% 3% 3% 2%
Nigeria 2008008 7% 11% 24% 11% 1% 23% 14% -1% 7% 4%
Pakistan 2082013 16% 27% 3% - 5% 14% 1% 9% 8% 16%
Peru 20052008 -1% 8% 14% 9% 14% 19% 9% 6% 11% 12%
Peru 2008012 11% 4% 14% 1% 12% 8% 10% 12% 13% 15%
Rwanda 20@2010 10% 11% 11% 11% 7% 16% 12% 7% 7% 8%
Senegal 2008010/11 60% -8% 29% -75% 31% 24% 34% 11% -17% 11%
Tanzania 20862010 9% -3% 34% - 9% 16% 3% 9% 9% 14%
Uganda 20@2011 4% 8% 17% 8% 8% 12% 14% 6% 8% 14%
Zambia 2001/22007 1% 36% 8% 26% 5% 9% -3% 2% 5% 11%
Zimbabwe 20G#®010/11 3% 23% 0% 13% 11% 7% 8% 10% 10% 15%
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Table A.8: Levels andChanges in MPlk, Hr and At by Urban and Rural areas

Changes in MPk

Urban Areas Rural Areas

Multidimensional Annualized change t-statistics Multidimensional Annualized change t-statistics

Poverty Index (MPIr) for Poverty Index (MPIy) for
Year 1 Year 2 Absolute % Relative difference Year 1 Year 2 Absolute % Relative difference
Armenia 2002010 .000 (.000) .001 (.001) .000 27.0% 0.93 .007 (.001) .001 (.001) -.001 -26.5% 3.09 ***
Bangladesh 2082007 .247 (.015) .184 (.013) -.021 -9.5% 3.13 ** .397 (.007) .340 (.008) -.019 -5.0% 5.00 ***
Bangladesh 2082011 184 (.013) .121 (.007) -016 -10.0% 420 .340 (.008) .284 (.007) -014 -4.4% 5.40 ***
Benin 20032006 .314 (.014) .265 (.010) -.010 -3.3% 2.56 ** .563 (.010) .505 (.007) -.012 -2.2% 4,96 ***
Bolivia 20082008 .063 (.003) .019 (.002) -.009 -21.2% 8.49 ¥+ .356 (.009) .191 (.008) -.033 -11.7% 14.14
Cambodia 20@2010 168 (.014) .051 (.006) -.023 21.2% 7.54 322 (.007) .247 (.007) -.015 5.2% 7.66 ***
Cameroon 20@2011 141 (.011) .091 (.006) -.007 -6.2% 4,12 rrx 445 (.011) .393 (.011) -.007 -1.8% 3.36 ***
Colombia 20@%2010 .012 (.001) .008 (.001) -.001 -7.3% 4.37 rxx .111 (.006) .067 (.003) -.009 -9.7% 7.30 ***
Dominican Rep. 2062007 .022 (.002) .010 (.001) -.002 -14.4% 6.52 .073 (.004) .042 (.002) -.006 -10.5% 6.67 ***
Egypt 20062008 013 (.002) .010 (.001) -.001 -10.3% 179 * 049 (.003) .035 (.002) -.004 -10.3% 422 *
Ethiopia 20082005 .318 (.018) .184 (.018) -.027 -10.3% 5.11 e .736 (.003) .661 (.006) -.015 2.1% 11.22 *x
Ethiopia 20052011 .184 (.018) .201 (.021) .003 1.5% 0.64 661 (.006) .598 (.007) -011 -1.7% 7.06 ***
Gabon 20082012 096 (.007) .048 (.004) -.004 5.7% 6.30 * 316 (.012) .221 (.013) -.008 -2.9% 5.38 *+*
Ghana 202008 .165 (.012) .089 (.007) -.015 -11.6% 5.33 *** 412 (.008) .289 (.010) -.025 -6.9% 9.00 ***

Guyana 20@®2009 051 (.005) .029 (.004) -.006 -13.2% 3.48 049 (.006) .046 (.003) -.001 -1.6% 0.49
Haiti 2005/@2012 .160 (.010) .112 (.008) -.007 -5.3% 3.66 *** 444 (.014) .341 (.012) -.016 -4.0% 5.74
India 1998/$2005/6 .118 (.005) .098 (.004) -.003 -2.6% 3.16 *** .372 (.002) .323 (.003) -.007 -2.0% 11.01 ***
Indonesia 20@2012 .055 (.004) .039 (.002) -.003 -6.3% 3.55 ** .126 (.004) .093 (.003) -.006 -5.8% 6.20 ***

Jordan 20@2009 012 (.002) .010 (.001) -.001 -10.2% 0.82 .017 (.004) .015 (.003) -.001 -4.4% 0.33
Kenya 2003008/9 .119 (.010) .074 (.010) -.008 -8.3% 3.23 .340 (.009) .285 (.010) -.010 -3.1% 3.98
Lesotho 20032009 .081 (.008) .063 (.007) -.004 -4.9% 172 * .272 (.006) .230 (.009) -.008 -3.3% 3.68 ***
Madagascar 2G2008/9  .195 (.012) .154 (.009) -.009 -5.0% 241 ** 423 (.018) .456 (.008) .007 1.7% 181 *
Malawi 20082010 171 (.019) .175 (.012) .001 0.4% 0.18 419 (.005) .366 (.005) -.009 -2.2% 7.43 ***
Mozambique 2062011  .306 (.014) .195 (.011) -014 -5.5% 6.23 604 (.005) .483 (.008) -015 -2.8% 13.56 **
Namibia 20082007 .052 (.007) .051 (.005) .000 -0.4% 0.13 272 (.009) .231 (.007) -.006 -2.3% 3.19 ***
Nepal 20082011 .137 (.013) .069 (.008) -014 -12.8% 452 .388 (.015) .238 (.013) -.030 -9.3% 7.68 ***
Niger 20062012 .384 (.014) .289 (.012) -.016 -4.6% 520 *** .764 (.007) .686 (.007) -.013 -1.8% 8.41 ***
Nigeria 20032008 206 (.014) .136 (.007) -014 -8.0% 441 451 (.014) .403 (.008) -.010 2.2% 2.69 ***
Pakistan 2082012/13 141 (.006) .112 (.007) -.005 -3.7% 3.33 326 (.007) .294 (.011) -.005 -1.7% 245 **
Peru 20052008 016 (.003) .016 (.002) .000 -0.5% 0.06 199 (.014) .169 (.008) -.010 -5.3% 179 *
Peru 20082012 016 (.002) .011 (.001) -.001 -8.9% 257 ** 169 (.008) .113 (.005) -.014 -9.6% 5.78
Rwanda 20@2010 299 (.014) .189 (.015) -.022 -8.8% 4,02 hrx 489 (.006) .352 (.006) -.027 -6.4% 16.71 ***
Senegal 2088010/11 224 (.017) .221 (.014) -.001 -0.3% 0.15 616 (.015) .585 (.012) -.006 -0.9% 167 *
Tanzania 20@2010 .201 (.014) .175 (.018) -.013 -6.8% 1.20 418 (.009) .382 (.008) -.018 -4.5% 3.20 ***
Uganda 20@2011 197 (.020) .119 (.012) -016 -9.6% 3.06 * 452 (.008) .383 (.010) -014 -3.3% 5.27 ***
Zambia 2001/32007 217 (.014) .155 (.014) -011 -5.9% 3.33 497 (.008) .429 (.007) -.012 -2.6% 6.09 ***
Zimbabwe 200#010/11  .019 (.003) .033 (.005) .003 13.1% 251 ** .252 (.007) .193 (.006) -.013 -5.8% 6.35 ***
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Table A.8: Levels and Changes in MPI 1, Hr, and At by Urban and Rural Areas (cont.)

Changes in Hr
Urban Areas Rural Areas

Hgﬂgghmnf?:&%n(ﬂﬂ Annualized change I'St?gft'cs Hg/zliﬂgghmn??astlign(ﬂﬁ Annualized change t-st?(t;rstlcs

Year 1 Year 2 Absolute % Relative difference Year 1 Year 2 Absolute % Relative difference
Armenia 2008010 1 (0) 2 (2 .0 27.0% 0.93 19 (4) 4 (2) -3 -27.0% 3,17 o
Bangladesh 2082007 473 (2.5) 37.2 (2.4) 3.4 7.7% 2.98 72.6 (1.0) 65.3 (1.2) 2.4 -3.5% 451
Bangladesh 2082011 37.2 (2.4) 26.1 (1.4) -2.8 -8.4% 4,10 ¥ 65.3 (1.2) 57.0 (1.1) 2.1 -3.3% 5,12
Benin 20032006 57.9 (2.0) 49.7 (1.5) -1.6 -3.0% 3.06 ¥ 91.0 (.8) 85.8 (.8) -1.0 -1.2% 4,50
Bolivia 20032008 14.8 (.8) 49 (.5) -2.0 -19.9% 8.26 *** 71.0 (1.4) 43.0 (1.5) -5.6 -9.6% 13.55 ***
Cambodia 2082010 32.9 (2.4) 12.0 (1.3) 4.2 -18.3% 7.25 63.8 (1.2) 53.4 (1.3) 2.1 -3.5% 5.98 **
Cameroon 20@2011 28.1 (1.9) 19.9 (1.3) -1.2 -4.8% 3,73 w 78.0 (1.4) 70.2 (1.3) -1.1 -1.5% 4,11
Colombia 200%010 3.2 (.2) 2.3 (1) -2 -7.0% 4,39 ¥ 25.0 (1.1) 15.7 (.7) -1.8 -8.8% 7.24 ¥
Dominican Rep. 2082007 5.4 (4) 2.7 (.2) -5 -13.1% 6.17 16.4 (.8) 10.4 (.6) 1.2 -8.7% 5.79 xx*
Egypt 20082008 34 (4) 25 (.3) -3 -9.5% 172 * 11.6 (.6) 8.5 (4) -1.0 -9.9% 4,27 Hx*
Ethiopia 20082005 60.0 (2.4) 37.2 (3.3) -4.6 -9.1% 5.60 **=* 99.1 (1) 97.1 (4) -4 -0.4% 4,81
Ethiopia 20082011 37.2 (3.3) 413 (3.7) 7 1.8% 0.87 97.1 (4) 949 (.6) -4 -0.4% 2.85 ***
Gabon 20082012 22.3 (1.4) 11.4 (.9) -9 -5.5% 6.60 **x 66.3 (2.3) 49.1 (2.8) -1.4 -2.5% 4,88 *x*
Ghana 2002008 36.2 (2.1) 20.6 (1.4) -3.1 -10.7% 5.99 %= 74.9 (1.1) 58.4 (1.7) -3.3 -4.9% 7.80 x*
Guyana 20@2009 13.8 (1.4) 8.3 (1.1) -1.4 -11.9% 3,17 12.3 (1.3) 115 (.7) -2 -1.6% 0.51
Haiti 2005/@2012 34.1 (2.0) 25.2 (1.7) -1.4 -4.6% 3.40 ¥ 77.0 (1.9) 65.9 (1.8) -1.7 -2.4% 4.38 rx*
India 1998/92005/6 249 (19) 20.9 (.8) -6 -2.4% 3.37 w 69.1 (4) 61.4 (.5) -1.1 -1.7% 11.82 *x*
Indonesia 20@2012 13.2 (.8) 10.2 (.5) -6 -5.1% 3.31 w 26.4 (.8) 20.7 (.7) -1.1 -4.7% 5.57 %
Jordan 20@2009 34 (7) 28 (4) -3 -9.5% 0.78 45 (9) 4.3 (8) -1 -1.3% 0.10
Kenya 2003%008/9 26.3 (2.1) 175 (2.2) -1.6 -7.2% 3.01 w 68.4 (1.3) 59.4 (1.6) -1.6 -2.5% 4,30
Lesotho 20032009 20.5 (2.0) 16.4 (1.7) -8 -4.4% 1.59 57.4 (1.1) 50.4 (1.7) -1.4 -2.6% 3.27
Madagascar 2GERD08/9  38.7 (2.1) 32.8 (1.9) -1.3 -3.6% 193 * 74.7 (2.6) 79.7 (1.1) 1.1 1.4% 195 *
Malawi 20082010 36.7 (3.3) 39.7 (2.6) 5 1.3% 0.71 785 (.7) 72.0 (.8) 1.1 -1.4% 5.93
Mozambique 2082011 58.1 (1.9) 39.2 (2.0) 2.4 -4.8% 6.97 94.4 (.4) 845 (.9) -1.2 -1.4% 9.91 %
Namibia 20082007 12.3 (1.7) 116 (1.1) -1 -0.9% 0.35 57.0 (1.8) 50.1 (1.4) -1.0 -1.8% 2,97 w*
Nepal 20082011 27.4 (2.3) 15.4 (1.7) 2.4 -10.9% 431w 71.3 (2.2) 48.4 (2.3) -4.6 -7.5% 7.42 xx*
Niger 20082012 69.2 (2.1) 55.5 (1.9) 2.3 -3.6% 4,88 ** 98.8 (.3) 96.7 (.5) -3 -0.3% 3.69 w*
Nigeria 20032008 40.3 (2.4) 27.4 (1.3) -2.6 -7.4% 4,69 *= 75.5 (1.9) 68.4 (1.0) -1.4 -1.9% 3.04
Pakistan 20@2012/13 30.6 (1.1) 26.3 (1.3) -7 -2.5% 258 ** 58.8 (1.1) 54.4 (1.6) -7 -1.3% 225
Peru 20052008 40 (7) 4.2 (4) 0 1.2% 0.16 451 (2.9) 39.3 (1.7) -1.9 -4.5% 1.68 *
Peru 20082012 42 (4) 29 (3 -3 -8.9% 2,63 39.3 (1.7) 27.1 (1.0) -3.0 -8.9% 5.97
Rwanda 20@2010 58.7 (2.3) 40.5 (2.9) -3.7 -7.2% 371w 87.2 (.8) 70.2 (1.0) -3.4 -4.3% 13.63 ***
Senegal 2008010/11 46.1 (3.3) 47.5 (3.0) 2 0.5% 0.32 91.6 (1.3) 89.5 (1.3) -4 -0.4% 1.16
Tanzania 2082010 39.5 (2.4) 34.8 (3.0) 2.4 -6.2% 1.26 72.8 (1.2) 68.8 (1.1) -2.0 -2.8% 245 **
Uganda 20@2011 42.4 (3.6) 26.6 (2.7) -3.2 -8.9% 3.17  w 83.0 (1.1) 73.9 (1.6) -1.8 -2.3% 4,48
Zambia 2001/22007 46.0 (2.6) 35.2 (2.9) -2.0 -4.7% 291 86.5 (1.1) 81.1 (1.0) -1.0 -1.2% 3.37 wxx
Zimbabwe 20G®010/11 5.0 (.8) 8.3 (1.1) 7 11.9% 249 55.2 (1.3) 44.3 (1.4) 24 -4.8% 5.89
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Table A.8: Levels and Changes in MPI 1, Hy, and At by Urban and Rural Areas (cont.)

Changes in A
Urban Areas Rural Areas
Intensity of Poverty Annualized Change t-statistics Intensity of Poverty Annualized Change t-statistics
(A1) for (A1) for
Year 1 Year 2 Absolute % Relative difference Year 1 Year 2 Absolute % Relative difference
Armenia 20652010 33.3 (.0) 33.3 (.0) 0 0.0% 0.00 * 35.6 (.9) 36.9 (2.7) 3 0.7% 0.45
Bangladesh 2082007 52.3 (.8) 49.4 (8) -1.0 -1.9% 251 ** 54.6 (4) 522 (4) -8 -1.5% 4.33 *
Bangladesh 2082011 49.4 (.8) 46.2 (.6) -8 -1.7% 3.26 522 (4) 49.8 (5) -6 -1.2% 411 ®
Benin 20032006 54.2 (1.0) 53.4 (.7) -2 -0.3% 0.67 62.0 (.7) 58.8 (4) -6 -1.0% 3.80 ***
Bolivia 20082008 428 (.5) 394 (4) -7 -1.6% 5,50 *** 50.1 (.4) 44.4 (.4) -11 -2.4% 9.93
Cambodia 2082010 51.0 (1.1) 42.6 (.8) -1.7 -3.5% 6.47 505 (.4) 46.3 (4) -8 -1.7% 7.84 wxx
Cameroon 20@2011 50.3 (1.3) 45.6 (.9) -7 -1.4% 2.98 ** 57.1 (.8) 56.0 (.8) -1 -0.3% 0.91
Colombia 206010 38.2 (5) 37.5 (5) -1 -0.4% 1.07 446 (5) 42.4 (4) -4 -1.0% 3.61 ***
Dominican Rep. 2062007 41.1 (.6) 38.2 (.6) -6 -1.5% 3.84 44.3 (4) 40.0 (4) -8 -2.0% 6.64 ***
Egypt 20062008 38.7 (.7) 37.6 (.6) -4 -0.9% 1.10 41.9 (4) 41.4 (5) -2 -0.4% 0.84
Ethiopia 20082005 52.9 (1.4) 495 (1.1) -7 -1.3% 189 * 742 (3) 68.1 (4) -1.2 -1.7% 11.81 ***
Ethiopia 20052011 495 (1.1) 48.7 (1.0) -1 -0.3% 0.56 68.1 (4) 63.0 (5) -9 -1.3% 7.92 wek
Gabon 20082012 428 (7) 41.8 (.6) -1 -0.2% 1.08 47.6 (6) 45.1 (5) -2 -0.4% 3.37 **
Ghana 2002008 45.4 (1.1) 43.2 (1.0) -5 -1.0% 157 55.0 (.5) 49.5 (.6) -1.1 2.1% 7.27 xek
Guyana 20@2009 36.9 (.7) 34.7 (.3) -6 -1.5% 2.99 40.3 (1.1) 40.2 (.6) 0 0.0% 0.04
Haiti 2005/@2012 47.0 (.8) 44.6 (.7) -4 -0.8% 2.34 ** 57.6 (.8) 51.7 (.6) -.9 -1.6% 6.01 ***
India 1998/$2005/6 475 (4) 47.0 (4) -1 -0.1% 0.78 53.8 (1) 526 (.2) -2 -0.3% 4,63 *
Indonesia 20@2012 413 (6) 38.7 (.3) -5 -1.3% 3.59 e 476 (3) 45.0 (.3) -5 -1.1% 5.88 ***
Jordan 20@2009 35.0 (.4) 345 (.6) -3 -0.7% 0.68 37.1 (1.8) 34.9 (5) 1.1 -3.1% 1.18
Kenya 20032008/9 45.4 (1.0) 425 (.9) -5 -1.2% 246 ** 49.7 (6) 48.1 (7) -3 -0.6% 176 *
Lesotho 20632009 39.3 (.7) 38.3 (.9) -2 -0.5% 0.88 47.4 (4) 457 (4) -3 -0.7% 2.90 ***
Madagascar 2GED08/9 50.3 (.7) 47.0 (.8) -7 -1.5% 2.96 56.6 (.7) 57.1 (4) 1 0.2% 0.67
Malawi 20022010 46.6 (1.2) 44.2 (.9) -4 -0.9% 1.59 53.3 (.3) 50.8 (.3) -4 -0.8% 6.55 ***
Mozambique 2062011 52.7 (1.1) 49.7 (.7) -4 -0.7% 229 ** 64.0 (4) 57.2 (4) -9 -1.4% 12.26 ***
Namibia 20082007 42.0 (7) 43.7 (8) 2 0.5% 1.19 47.7 (6) 46.2 (4) -2 -0.5% 193 *
Nepal 20082011 49.9 (1.0) 44.8 (1.1) -1.0 2.1% 3.46 543 (6) 49.2 (.7) -1.0 -2.0% 5.54 %
Niger 20082012 55.5 (1.0) 52.1 (1.0) -6 -1.0% 236 ** 77.3 (6) 70.9 (.5) 1.1 -1.4% 8.68 ***
Nigeria 20032008 51.2 (1.2) 49.7 (.7) -3 -0.6% 1.09 59.7 (.9) 58.9 (4) -2 -0.3% 0.72
Pakistan 2082012/13 46.0 (6) 42.7 (7) -6 -1.2% 345 55.4 (5) 54.0 (.6) -2 -0.4% 188 *
Peru 20052008 405 (.9) 38.6 (4) -6 -1.6% 190 * 441 (6) 43.0 (4) -4 -0.9% 1.59
Peru 20082012 38.6 (4) 38.6 (5) 0 0.0% 0.03 43.0 (4) 416 (.3) -3 -0.8% 2.66 ***
Rwanda 20@2010 50.9 (.8) 46.7 (.7) -8 -1.7% 3.47 56.1 (.3) 50.2 (.3) -1.2 -2.2% 12.43 *x*
Senegal 2088010/11 485 (1.0) 46.4 (.8) -4 -0.8% 166 * 67.3 (1.1) 65.3 (.7) -4 -0.5% 158
Tanzania 2082010 50.9 (.9) 50.3 (1.0) -3 -0.6% 0.49 57.4 (5) 55.4 (.4) -1.0 -1.7% 3.07
Uganda 20@2011 466 (1.4) 44.7 (1.1) -4 -0.8% 1.00 545 (5) 51.9 (5) -5 -1.0% 3.70 ***
Zambia 2001/82007 47.2 (7) 44.1 (6) -6 -1.2% 3.48 57.5 (4) 52.9 (4) -8 -1.5% 8.05 ***
Zimbabwe 20G®010/11  37.9 (.8) 39.7 (1.2) 4 1.1% 1.35 456 (4) 435 (.3) -5 -1.0% 4.43 *
Note: * ** statistically significant at &4=0.01, ** statistically significant a
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Table A.9: Percentage of Regions that Have Reduced Poverty Figures Significantly

Percentage of regions that had Percentage of poor in initial year that
reductions sign lived in regions that had reductions
i né i né

Country and Period MPI+ Hr Ar MPI ¢ Hr Ar

Bangladesh 2082007 83% 33% 83% 92% 55% 70%
Bangladesh 208011 100% 83% 83% 100% 91% 80%
Benin 20032006 83% 67% 50% 81% 66% 51%
Bolivia 20082008 100% 89% 89% 100% 99% 96%
Cambodia 20@2010 68% 53% 56% 65% 49% 51%
Cameroon 20@2011 42% 50% 50% 46% 49% 54%
Colombia 20G®010 63% 56% 21% 67% 46% 30%
Dominican Rep. 2062007 66% 69% 44% 67% 69% 44%
Egypt 20082008 33% 33% 0% 82% 82% 0%

Ethiopia 20082005 55% 36% 36% 96% 67% 95%
Ethiopia 20082011 73% 45% 82% 99% 57% 99%
Gabon 20082012 100% 100% 40% 100% 100% 38%
Ghana 20G%008 100% 100% 100% 100% 100% 100%
Haiti 2005/@2012 70% 60% 60% 68% 61% 46%
India 1998/$2005/6 81% 85% 42% 93% 99% 44%
Indonesia 20@2012 42% 33% 36% 76% 71% 67%
Jordan 20@2009 0% 0% 0% 0% 0% 0%

Kenya 2003008/9 63% 63% 13% 65% 65% 4%

Lesotho 20032009 50% 40% 20% 52% 43% 14%
Madagascar 2@2008/9 0% 0% 0% 0% 0% 0%

Malawi 20082010 100% 67% 100% 100% 88% 100%
Mozambique 2082011 100% 91% 73% 100% 81% 67%
Namibia 20082007 23% 23% 23% 32% 32% 38%
Nepal 20082011 771% 85% 38% 79% 86% 39%
Niger 20082012 100% 50% 75% 100% 24% 93%
Nigeria 2003008 17% 17% 0% 13% 13% 0%

Pakistan 200662012/13 50% 50% 25% 43% 43% 51%
Rwanda 20@2010 100% 100% 100% 100% 100% 100%
Senegal 2088010/11 18% 18% 18% 21% 21% 20%
Tanzania 2082010 25% 25% 38% 12% 25% 30%
Uganda 20@2011 44% 33% 33% 48% 37% 43%
Zambia 2001/22007 67% 56% 78% 67% 56% 78%
Zimbabwe 20G#®010/11 30% 20% 10% 48% 23% 15%
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Table A.10: Levels and Changes in  MPIy by Main Ethnic Groups
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